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Automating Clinical Study Reports (CSR) with
Al: Opportunities and Risks

Executive Summary

Clinical Study Reports (CSRs) are exhaustive documents that detail the design, conduct, results, and analysis of clinical
trials. They are fundamental to regulatory submissions and drug approvals ( ). Historically, writing
CSRs has been a labor-intensive process requiring months of effort by teams of medical writers, biostatisticians, and
clinicians ( ) ( ). Recent advances in artificial intelligence (Al), especially large language
models (LLMs) and natural language generation (NLG), offer the potential to transform CSR authoring by automating
repetitive tasks, accelerating drafting, and improving consistency ( ) ( ). Indeed, industry
reports suggest generative Al can reduce CSR generation time by roughly 30% ( ), cutting what once
took several months down to days ( ). Strategic consultancies and vendors (e.g. Deloitte, Axtria, Yseop)
advocate automating routine writing and document assembly to shorten trial timelines and lower costs (

) ( ). For example, one tool has been used by a major pharma to auto-generate
~25,000 pages of CSR content, freeing experts from mundane copying tasks ( ).

Despite these opportunities, automating CSRs with Al carries significant risks. LLMs are known to “hallucinate” —
producing grammatically plausible but incorrect or fabricated content ( ) (

). In sensitive regulatory contexts, any error or inconsistency can have serious consequences. There are also
compliance concerns: the pharmaceutical industry is highly regulated, and regulators have not yet issued clear guidance
on Al-written documents. Ethical and accountability issues also arise (analogous to concerns about third-party medical
writers) if Al-generated text contains biases or misinformation ( ) ( ).
Moreover, integration of Al requires careful validation, data privacy safeguards (especially if patient data is used), and
preserving audit trails under standards like 21 CFR Part 11.

This report provides a detailed examination of automating CSR creation with Al. We begin with background on CSRs and
medical writing, then survey current Al technologies and vendor solutions. We analyze the opportunities—efficiency,
consistency, and enhanced compliance—as well as the risks—hallucinations, regulatory acceptance, data security, and
ethical accountability. Case studies and industry data are used to illustrate real-world adoption. Finally, we discuss
regulatory and policy implications, best practices for implementation, and future directions, including what regulators,
companies, and medical writers need to consider to harness Al responsibly.

Introduction and Background

Clinical Study Reports: Role and Structure

A Clinical Study Report (CSR) is a comprehensive, stand-alone document that describes the objectives, methodology,
results, and conclusions of a clinical trial. CSRs are typically submitted by pharmaceutical companies to regulatory
authorities (e.g. FDA, EMA) as part of marketing approval applications ( ). They contain detailed
protocol information, statistical analyses, and narrative discussion of efficacy and safety. The International Council for
Harmonisation’s E3 guideline (1995) provides a standardized outline for CSR content to ensure consistency across
regions ( ) ( ). According to Aronson and Onakpoya (2025), a typical CSR
includes sections such as a synopsis, study introduction and objectives, investigational plan, subject disposition, efficacy
and safety results, discussion/conclusions, and appendices with detailed tables and figures ( ) (

© 2026 IntuitionLabs.ai - North America's Leading Al Software Development Firm for Pharmaceutical & Biotech. All rights Page 2 of
reserved. 17


https://intuitionlabs.ai/articles/regulatory-submission-acceleration
https://pmc.ncbi.nlm.nih.gov/articles/PMC12042613/#:~:text=Clinical%20study%20reports%20,Until%202015%2C%20such%20reports
https://www.axtria.com/articles/rescuing-clinical-study-reports-30-percent-faster-authoring-with-generative-ai#:~:text=reports%20to%20meet%20regulatory%20standards,authors%20can%20also%20lead%20to
https://www.clinion.com/insight/clinical-study-reports-csr-complete-guide/#:~:text=Automation%20begins%20at%20the%20drafting,as%20the%20draft%20takes%20shape
https://intuitionlabs.ai/articles/llm-clinical-evidence-dossiers
https://intuitionlabs.ai/articles/llm-clinical-evidence-dossiers
https://www.axtria.com/articles/rescuing-clinical-study-reports-30-percent-faster-authoring-with-generative-ai#:~:text=,in%20overall%20CSR%20generation%20time
https://www.clinion.com/insight/clinical-study-reports-csr-complete-guide/#:~:text=Automation%20begins%20at%20the%20drafting,as%20the%20draft%20takes%20shape
https://intuitionlabs.ai/articles/genai-medical-affairs-compliance
https://www.axtria.com/articles/rescuing-clinical-study-reports-30-percent-faster-authoring-with-generative-ai#:~:text=,in%20overall%20CSR%20generation%20time
https://www.clinion.com/insight/clinical-study-reports-csr-complete-guide/#:~:text=Automation%20begins%20at%20the%20drafting,as%20the%20draft%20takes%20shape
https://www.deloitte.com/us/en/Industries/life-sciences-health-care/articles/ai-revolutionizing-drug-research-development.html#:~:text=GenAI%20offers%20life%20sciences%20leaders,GenAI%20in%20clinical%20trials%20include
https://www.deloitte.com/us/en/Industries/life-sciences-health-care/articles/ai-revolutionizing-drug-research-development.html#:~:text=GenAI%20offers%20life%20sciences%20leaders,GenAI%20in%20clinical%20trials%20include
https://www.fiercebiotech.com/cro/novartis-makes-investment-ai-firm-yseop-clinical-trial-writing#:~:text=The%20Paris,pharmaceutical%20companies%20in%20the%20world
https://lexoro.ai/use-cases/automated-creation-of-clinical-study-reports/#:~:text=For%20one%20of%20the%20world%E2%80%99s,can%20be%20written%20using%20NLG
https://www.annfammed.org/content/hidden-risk-ai-hallucinations-medical-practice#:~:text=An%20essential%20point%20of%20concern,However%2C%20the%20medical
https://www.medicaldevice-network.com/news/hallucinations-in-ai-generated-medical-summaries-remain-a-grave-concern/#:~:text=The%20study%20found%20that%20summaries,which%20is%20called%20faithfulness%20hallucination
https://www.medicaldevice-network.com/news/hallucinations-in-ai-generated-medical-summaries-remain-a-grave-concern/#:~:text=The%20study%20found%20that%20summaries,which%20is%20called%20faithfulness%20hallucination
https://intuitionlabs.ai/articles/fda-ai-drug-development-guidance
https://pmc.ncbi.nlm.nih.gov/articles/PMC9892954/#:~:text=Third,3%7D%20Further%2C%20because%20their
https://www.annfammed.org/content/hidden-risk-ai-hallucinations-medical-practice#:~:text=An%20essential%20point%20of%20concern,However%2C%20the%20medical
https://intuitionlabs.ai/articles/21-cfr-11-inventory-software
https://intuitionlabs.ai/articles/ectd-submission-ind-nda-guide
https://pmc.ncbi.nlm.nih.gov/articles/PMC12042613/#:~:text=Clinical%20study%20reports%20,Until%202015%2C%20such%20reports
https://pmc.ncbi.nlm.nih.gov/articles/PMC12042613/#:~:text=Clinical%20study%20reports%20,Until%202015%2C%20such%20reports
https://pmc.ncbi.nlm.nih.gov/articles/PMC12042613/#:~:text=The%20contents%20of%20a%20CSR%2C,ICH%20E3%2C%20are%20as%20follows
https://pmc.ncbi.nlm.nih.gov/articles/PMC12042613/#:~:text=The%20contents%20of%20a%20CSR%2C,ICH%20E3%2C%20are%20as%20follows
https://pmc.ncbi.nlm.nih.gov/articles/PMC12042613/#:~:text=10
https://intuitionlabs.ai/?utm_source=pdf&utm_medium=document&utm_campaign=article&utm_content=clinical-study-report-automation-ai-opportunities-risks.pdf
https://intuitionlabs.ai/articles/clinical-study-report-automation-ai-risks?utm_source=pdf&utm_medium=document&utm_campaign=article&utm_content=clinical-study-report-automation-ai-opportunities-risks.pdf
https://intuitionlabs.ai/?utm_source=pdf&utm_medium=document&utm_campaign=article&utm_content=clinical-study-report-automation-ai-opportunities-risks.pdf

I incuitiontabs  intuitionLabs - Al Software for Pharma & Biotech Clinical Study Report Automation: Al Opportunities & Risks

pme.nchi.nim.nih.gov). For example, an EMA document based on ICH E3 specifies contents like Title Page, Synopsis,
Ethics, Introduction, Methods, Results (efficacy and safety), Discussion, and End-of-Text Tables (I'*) pmc.nchi.nim.nih.gov)

(leJ pmc.ncbi.nim.nih.gov).

CSRs are voluminous. One analysis of 78 industry CSRs (covering trials 1991-2011) found a median length of 644
pages (I**! pme.ncbi.nim.nih.gov). These reports routinely include full trial protocols, statistical analysis plans, and even
blank and completed case report forms, making them far more detailed than the corresponding published journal articles
("I pme.nebi.nim.nih.gov). Table 1 summarizes typical CSR sections and their content. Notably, key results sections
(efficacy and safety) extend many pages, and detailed tables (e.g. Listings and Figures) may span several hundred

pages (! pme.ncbi.nim.nih.gov) (3! pme.ncbi.nim.nih.gov).

CSR Sections (abridged) Key Contents

Title Page Study ID, title, sponsor, investigators

Synopsis Brief structured summary of trial

Table of Contents, Abbreviations Navigation aids

Ethics IRB approvals, consents, compliance

Study Administrative Structure Roles (investigators, CROs, etc.)

Introduction, Objectives Rationale, aims of study

Investigational Plan (Methods) Trial design, treatments, eligibility

Study Population Enrollment, demographics, disposition

Efficacy Results Primary/secondary outcomes (narrative) (I 14] pmc.n cbi.nlm.nih. gov)
Safety Results Adverse events, lab data (narrative) ([14] me.ani .nim. nih.gov>
Discussion and Conclusions Interpretation of findings

End-of-Text Tables and Figures (TLFs) Detailed data tables (e.g. Iistings)(|l3| me.ﬂCbi .nim. nih.gov;

Table 1. High-level outline of Clinical Study Report structure (based on ICH E3 guidance ("' pmec.nchi.nim.nih.gov) (%)
pme.nchi.nlm.nih.gov)). Actual CSRs include many more sub-sections and appendices.

Importance and Challenges of Traditional CSR Authoring

Writing CSRs is a critical but demanding step in drug development. The CSR serves as the definitive record of the trial
for regulators, and any errors or omissions can delay approval. Consequently, pharmaceutical companies invest
substantial resources in CSR preparation. In 2021 the global medical writing market was valued at ~$3.6 billion
(projected $8.4B by 2030) (*°' pmc.ncbi.nim.nih.gov), reflecting the heavy dependence on expert writers. A recent analysis
also identified over 1,100 companies worldwide providing medical writing and communications services (I*°
pmec.nchi.nim.nih.gov). In-house medical writing teams or external agencies collaborate with statisticians and clinical

experts to painstakingly draft, review, and finalize each CSR.

This process is time-consuming. Industry commentary notes that drafting a CSR “to meet regulatory standards has
always been labor-intensive” (1) www.axtria.com). Axtria (2023) reports that generating a full CSR traditionally “stretches
medical writing teams to the limit” (! wyw.axiria.com), with multi-month timelines. The Clinion analysis (2025) states that
CSR preparation often “requires three to six months of manual work” (°/ vww.clinion.com). A case study found that
experienced writers frequently spend several weeks on each major section, and regulatory review cycles add further
time. In total, CSR authoring can contribute significant delays in the drug development timeline. For perspective, every
day of delay in bringing a drug to market is often valued at about $0.5-1 million in lost revenue (I*!
www.appliedclinicaltrialsonline.com), underscoring the premium on faster documentation.

Furthermore, the work is repetitive and detail-intensive. Many CSR sections contain boilerplate text or templated
descriptions drawn from the trial protocol and prior trials (e.g. background, methods). Statistical analyses produce dozens
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of listings and figures that must be contextually explained in the narrative. Manual transcription of data summaries and
copying of tables is error-prone. Human error is a genuine risk: variability in writing style among authors can lead to
inconsistencies, and simple transcription mistakes can propagate if not caught in review (*/ www.axtria.com). As noted by
industry analysts, “variability in writing styles... can lead to inconsistencies in report quality” (“/ vww.axtria.com). Each
CSR also must be meticulously checked for data accuracy and regulatory compliance, adding project management
overhead.

Finally, regulatory demands continue to evolve. Agencies such as the FDA and EMA enforce standards (e.g. ICH E3) and
require traceability of all reported data. Metadata standards like CDISC (SDTM/ADaM) are increasingly mandated, and
digital submissions (e.g. eCTD) require structured content. Although these standards improve clarity, they also increase
documentation complexity. Even after extensive work, CSRs have historically been kept confidential; only in recent years
have some been made public via EMA Policy 0070 and other transparency efforts. As Aronson et al. (2025) note, until
2015 CSRs were largely inaccessible, but continuing shifts (including ICH’s movement toward more structured data) are
raising the bar for clarity and completeness (%! pmc.ncbi.nlim.nih.gov).

Emergence of Al and Automation in Clinical Documentation

In parallel with these trends, artificial intelligence (Al) has rapidly advanced. Particularly, transformer-based large
language models (LLMs) such as OpenAl's GPT series and Google’s models have demonstrated remarkable language
understanding and generation capabilities. These Al models can ingest and summarize large text and tabular data, write
in human-like prose, and answer complex queries. Outside of developmental rhetoric, many industries now apply Al to
automate report writing, data analysis summaries, and regulatory content generation.

In healthcare and life sciences, Al has made inroads in diagnostics, imaging, and even medical scribes. More recently,
companies and research groups have begun exploring Al to draft medical and regulatory documents. For example,
Google Cloud has released healthcare-specific generative Al tools, and life science consultancies (e.g. Deloitte) are
advising biopharma firms to automate “document generation and regulatory submissions” with Al (i°) vww.deloitte.com). A
March 2026 TIME news analysis highlights Al's potential to cut years from trial processes by handling “administrative
tasks such as patient recruitment, regulatory filings, and matching drugs to diseases” (**' time.com). Industry surveys
confirm this momentum: Medidata (2025) reports 93% of clinical trial executives are already using or investigating Al in
trials, with many realizing tangible value (! vwww.medidata.com).

Against this backdrop, the idea of automating CSR authoring has attracted intense interest. Several technology vendors
now offer or develop Al-driven medical writing platforms. These systems typically combine natural language processing
(NLP), knowledge engineering, and automation scripts to extract data from clinical databases and write narrative text. For
example, one solution (Narrativa Clinical Atlas) uses Al and knowledge graphs to convert Tables/Listings/Figures (TLFs)
and ADaM datasets directly into narrative report sections (“*! www.narrativa.com). Another (Lexoro) employed robotic
process automation (RPA) plus NLP to populate CSR templates and generate text, reportedly automating 25,000 pages
of CSR content for a major pharma (" lexoro.ai).

In summary, Al offers the promise of dramatically streamlining CSR production: accelerating drafting, improving
consistency, and freeing human experts for interpretation rather than transcription (*°! w.clinion.com) (4 www.axtria.com).
However, realizing these benefits while maintaining quality and compliance is non-trivial. In the sections that follow, we
examine the technical approaches to CSR automation, present data and case studies on performance gains, and analyze
the critical risks and challenges that must be addressed for safe implementation.

Al Technologies for CSR Automation

Automating a CSR entails two broad classes of tasks: (1) assembling structured content (e.g. title pages, study design
descriptions) and (2) generating or verifying unstructured narrative (e.g. result summaries, safety narratives). Current Al
approaches typically blend multiple technologies:
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« Robotic Process Automation (RPA) or workflow automation to gather data from disparate sources (trial databases,
statistical outputs, protocol documents) and populate document templates (%% lexoro.ai).

« Natural Language Generation (NLG) using rules-based or Al-driven models to convert data into text. Traditional
NLG systems have been used in finance and weather to write report prose; now LLMs bring more flexibility for
medical content.

« Large Language Models (LLMs) fine-tuned for medical or regulatory language to draft sections of text given
prompts or structured inputs. For instance, a GPT-4 variant could be tuned on a corpus of de-identified CSRs and
guidelines to write study descriptions or result narratives.

« Knowledge Graphs and Semantic Al, as exemplified by Narrativa’s platform, which link entities (drugs, endpoints,
patient data) in a graph to ensure contextual consistency (%) www.narrativa.com).

« Entity Extraction and NLP to identify key terms, ontologies (e.g. MedDRA for adverse events), and ensure proper

usage of medical terminology (** vwww.narrativa.com).

« Quality Control Automation, where Al cross-checks that numbers and statements align with source tables (©*°

www.clinion.com).

In practice, no single tool handles everything; current solutions often integrate modules. For example, Lexoro’s system
used RPA to “copy & fill” content and an NLG component to write descriptive text (/! lexoro.ai). Narrativa’s Clinical Atlas
uses an Al “agentic” framework: it reads Tables and Figures, maps the data into its Knowledge Graph, and then
generates “accurate, submission-ready prose” (“! www.narrativa.com). Key Al capabilities involved include entity
extraction (recognizing endpoints, populations, units) and clustering related data points for coherent paragraphs (!

www.narrativa.com).

A major development enabling CSR automation is the prevalence of structured data standards. Modern trials collect
data in CDISC SDTM/ADaM formats; many have their Statistical Analysis Plans (SAPs) formalized. When Al has access
to structured datasets (e.g. ADaM) and analysis outputs (e.g. summary tables), it can algorithmically derive key findings
to narrate. For example, an Al tool might scan an ADaM dataset to compute treatment-arm summaries, then write the
corresponding paragraph. As Narrativa notes, by extracting data from TLFs and ADaM, Al can bypass “manually
reviewing complex tables” — generating the narrative instead (“* www.narrativa.com). This approach reduces the need for
manual “table-to-text” transcription, a major time sink in traditional workflow.

Moreover, the rise of agent-based Al and prompt engineering allows for human-in-the-loop workflows. Users (medical
writers) can provide high-level prompts or headings (“Describe the primary efficacy results”) and the Al generates a draft,
which the human then reviews and edits. Such hybrid systems leverage model speed without fully removing writer
expertise. In practice, many current implementations do exactly this: produce a draft or sections for writer review. For
instance, Narrativa emphasizes that “since Clinical Atlas generates the initial draft, medical writers are responsible for
reviewing and validating the content for accuracy” (°* www.narrativa.com), and even provides traceability (clickable links

26]

to source data) to facilitate verification (“°/ www.narrativa.com).

In summary, Al-powered CSR automation typically operates at the intersection of structured data processing and natural
language generation. By piping validated trial data into intelligent language models, these systems can auto-generate
large portions of a CSR, which humans then polish. The following sections analyze the implications of this approach.

Opportunities Enabled by Al Automation

Dramatic Time and Cost Savings

The most immediate opportunity is efficiency. Automated systems can draft CSR content much faster than humans. As
one industry analyst notes, using Al “can process vast amounts of data and generate initial CSR drafts significantly faster
than traditional methods” (“ www.axtria.com). Clinion (2025) boldly asserts that tasks requiring 3-6 months manually can
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be condensed to 2-3 days with Al-assisted drafting (**/ www.clinion.com). These claims align with practical experience of
vendors: Axtria reports that leveraging generative Al can reduce CSR authoring time by about 30% (! www.axtria.com). In
a specific example, a leading pharma used an Al solution (investigations via Yseop) to produce over 10,000 Al-drafted

reports in one year (*/! www.simbo.ai), saving “thousands of work hours”.

Table 2 illustrates case-study impacts. For example, Lexoro’s automation reportedly handled 25,000 pages of CSR text
for a large trial, freeing experts from repetitive copy/paste tasks (" lexoro.ai). Narrativa’s Clinical Atlas promises
anecdotes like “reduces manual workload” by auto-integrating Tables, Listings, and Figures into text (*°
www.narrativa.com). Deloitte (2023) emphasizes business benefits of automating “key, repetitive tasks such as document
generation and regulatory submissions”, which “can reduce overall cycle time and costs” (©°/ www.deloitte.com). These
combined effects imply not just faster reports, but also potential acceleration of the entire regulatory submission timeline,
which for a new drug is measured in years.

From a business perspective, the savings are substantial. Even at more conservative figures than the now-disputed
$4M/day, reducing trial or approval time by weeks can translate to millions saved or additional revenue gained (I’
www.appliedclinicaltrialsonline.com). Workflow automation also cuts labor costs: fewer full-time medwriters and reviewers
are needed. At the systems level, automated QA (as noted below) can catch errors earlier, reducing costly late-stage
fixes. In one estimate, automating clinical trial data structuring (a related task) for a $530M pharma client led to significant
ROI (DataScience Dojo case study). Although exact ROl numbers are proprietary, multiple consulting firms rank
automation of medical writing among top use-cases for GenAl in life sciences.

Another opportunity is consistency and quality enhancement. Humans vary in style and may overlook inconsistencies;
Al can enforce style guides uniformly. For instance, tables and narratives generated by the same algorithm within a
platform will follow the same phrasing and structure, improving readability and compliance with templates. Similarly,
automated cross-checks (see below) can raise the overall reliability of CSRs. The Narrativa platform highlights how Al
“minimizes human error and cutting down review cycles” (“® www.narrativa.com). In practice, consistent terminology and
data linkage have downstream benefits: for example, audit teams and regulatory reviewers will find the document more
coherent, reducing queries and rework (though this is an area needing quantitative study).

Leveraging Structured Data and Knowledge

Al tools also excel at handling voluminous structured data, a natural fit for regulation. Modern trials generate gigabytes
of clinical data. CSRs require summarizing this data into narrative form. Al can ingest structured datasets and compute
analysis on the fly. For example, an Al system might automatically generate baseline demographic tables and derive
corresponding text (“The mean age was 56 years...”) instantaneously. Narrativa’s approach uses a “Knowledge Graph” to
link and interpret data (**) vww.narrativa.com), suggesting deeper Al-driven insight (e.g. flagging unusual lab results in the
narrative). Over time, these systems could even suggest data trends (though regulatory submission requires neutral tone,
not hypothesis generation).

Because Al can dynamically connect information, there is also potential for intelligence augmentation. Imagine a
system that, on demand, answers reviewer queries by pointing to sections or data. The Narrativa tool’s click-to-trace
feature is one example: clicking a number in text “locates the corresponding data point” in the table (!
www.narrativa.com), enabling reviewers to audit outputs more efficiently. Such features are only possible because Al

maintains links between source data and generated text, improving transparency.

Scalability and Knowledge Retention

Al systems can scale across many trials and languages. Once a CSR-playbook (templates, style rules, standard phrases)
is encoded into an Al workflow, it can process multiple studies with minimal incremental effort. Smaller companies or
CROs could leverage the same tool to tackle dozens of CSRs in parallel. This scalability also conserves organizational
knowledge: rather than each experienced writer holding tacit know-how, the Al “encodes” that knowledge and makes it
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reproducible. Over time, the model could capture best practices (e.g. standard phrasing for certain endpoints), reducing
the learning curve for new studies.

Furthermore, some vendors claim improvements to patient communication by using Al. Although beyond regulatory
CSRs, generating patient-friendly summaries (lay language versions of trial results) has been piloted with LLMs. This is
tangential here but indicative: if an Al can distill a 1000-page CSR into concise lay bullet points, that would be a
significant public health benefit.

Implementation Case Studies

To ground these opportunities, consider real-world examples of CSR automation in action:

« Lexoro automation (Global Pharma): Lexoro describes an implementation for “one of the world’s leading research-driven
pharmaceutical companies.” They automated CSR creation by having RPA bots and NLG scripts copy and fill content from the protocol
(CSP) to the CSR, and by analyzing tables with data science and NLG for descriptive text (W lexoro.ai). The scope was large — “25,000
pages of medical writing” — and the goal was a completely error-free transformation of repetitive tasks ([30] lexoro.al). A key benefit was
freeing experts from “many small tasks” and automating table analyses. While exact time saved was not quoted, this illustrates a high-
volume use-case where the CSR started from a template and data was programmatically inserted.

« Axtria generative Al (Consultancy): Axtria reports pilot results using “Generative Al (GenAl)” to draft CSRs. In one use-case, they

showed that GenAl could process the trial data and reduce overall CSR generation time by around 30% ([4] www.axtria.com). Axtria’s
analysis (as summarized in a 2024 blog) emphasized that an LLM could quickly produce an initial draft narrative and free up human time

for high-value tasks ([4] www.axtria.com). While quantitative details are limited, this claim is consistent with an overall industry
expectation of multi-week savings.

« Narrativa® Clinical Atlas (Medical Al vendor): Narrativa’'s platform integrates deep learning with knowledge-graph methods. Their

Clinical Atlas automatically extracts data from TLFs and ADaM datasets and generates narrative text (LzlJ www.narrativa.com). For
example, it can answer prompts or generate text for a specific subsection (e.g. “Describe baseline subject demographics” using combined
dataset info). Narrative drafts are traceable: users can click any data point in the text to “locate the corresponding data point” in tables

([23] www.narrativa.com). This preserves review traceability, a known regulatory requirement. Reported benefits include fewer review
cycles and improved compliance. Although published case results are limited, their marketing emphasizes that Al covers both statistics
summaries and safety narratives.

« Yseop | Novartis (Industrial investment): In late 2023, Novartis announced investing in Al tech firm Yseop to “automate elements of
clinical trial report writing” (BlJ www.fiercebiotech.com). Yseop’s NLP engine had already been used by big pharma (e.g. Sanofi) to
accelerate submissions. Fierce Biotech notes Yseop is “involved in more than 150 clinical trials” for leading companies ([6‘
www.fiercebiotech.com). According to a blog, Novartis used Yseop to generate over 10,000 Al-written reports in 2023, saving thousands

of hours ([27] www.simbo.al). This suggests that large global trials — producing thousands of pages — can indeed be partially offloaded to
Al text generators.

« Consulting insights (Deloitte): Deloitte’s 2023 report on GenAl in life sciences highlights document authoring as a prime opportunity. It
explicitly calls out “document generation and regulatory submissions” as key tasks ripe for automation ([5] www.deloitte.com). Deloitte

recommends using Al to “automate key, repetitive tasks” in trial operations, citing study startup documents as examples ([32]
www.deloitte.com). While not a usage “case” per se, this consensus from a major consulting firm reinforces that automating CSRs is
seen as an industry best practice trend.

Summary of Industry Findings
Table 2 below compiles some representative automation projects. The impacts (time saved, pages automated) vary by

context, but the overall theme is clear: multiple partners report substantial productivity gains and error reduction once
Al tools are integrated.
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Organization / Case Al Solution | Features Impact | Results
30
71 lexoro.ai RPA + NLP (data and text Automated ~25,000 pages of CSR; experts freed from repetitive copy/paste tasks ([d ]
Lexoro (Pharma) ( .aly . .
integration) lexoro.ai).
i Initial studies showed >30% faster CSR generation, reducing months of work 4]
2] Generative Al (LLM) for

Axtria (Consultancy) (‘“/ WwWw.axtria.com)

narrative drafting www.axtria comy

[21] [23]

Narrativa Clinical Atlas (Vendor) ( Knowledge Graph + NLP; Produces draft CSR narrative from tables; enables click-to-trace data audit (

TLF/ADaM ingestion

www.narrativa.comy www.nharrativa.com,.

6 . ; 6
Novartis | Yseop ([ 1 www.fier ceblotech.com) Generative Al platform for Created >10,000 Al-drafted clinical documents in 2023; applied across 150+ trials ([ ]

27) report writing

@7 \www.simbo.aiy www.fiercebiotech.com) (27 www.simbo.ai).

5
GenAl framework for Recommends automating “document generation” to cut cycle time and cost ([ 1

-
Deloitte (Advisory) (IJJ www.deloitte.com, documents

www.deloitte.comy.

Table 2. Examples of CSR automation initiatives. Impacts are illustrative from public or reported sources.

Collectively, these cases illustrate that Al integration in CSR workflows is moving from concept to reality in many
organizations. Companies are willing to invest in Al tools when the projected time savings and quality gains justify the
cost. However, as we turn to discuss, these successes depend on careful oversight.

Reducing Errors: Automated Quality Control

An important advantage of Al tools is their ability to systematically check consistency in ways difficult for humans.
Several platforms offer automated QC modules: for instance, Al can cross-verify that every numerical value reported in
text matches the tabulated source. Clinion (2025) describes how Al “cross-checks values between the narrative text and
statistical tables, ensuring figures are consistent throughout the document” (“*) vwww.clinion.com). Discrepancies or outliers
can be auto-flagged for human review, and structured QC reports generated. This helps guard against a common risk: a
medical writer might accidentally transpose digits or use the wrong decimal, which a traditional review might miss. Al, by
contrast, can algorithmically compare thousands of points of data in seconds.

Moreover, machine learning can highlight subtle issues. For example, Al models can identify if an AE term is used
consistently (e.g. matching MedDRA coding) or alert if a narrative sentence contradicts a table. These are still emerging
features, but early systems already store traceability metadata. Narrativa’s clickable source-tracing (1*°!
www.narrativa.com) is a practical step: by linking every generated text element back to its data origin, reviewers spend less
time hunting for sources.

In short, augmented QA workflows can improve CSR quality. Automated checks reduce human oversight burden and
potentially catch errors before regulatory submission. Implementing such AI-QC does require initial setup (mapping report
sections to data items) but pays off by reducing the long tail of manual verification. This is often cited as a key compliance
benefit of CSR automation: more reliable consistency with the underlying trial data (*°! vww.clinion.com) (*

www.axtria.com).

Amount of Work Saved and Productivity Metrics

Quantifying productivity gains is challenging without proprietary data. However, published claims and survey data give
some order of magnitude.

+ Drafting time reductions: Axtria’s claim of 30% faster CSR authoring (W www.axtria.com) suggests, for example, cutting a 20-person-

week task to 14 weeks. Clinion’s assertion (3-6 months manually vs >2 days with Al) (! vww.clinion.com) is more dramatic, though
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likely referring to a highly streamlined process (perhaps assuming an initial prompt or style definitions). Even if we take moderate figures,
reducing weeks of work to days is significant.

« Cost savings: While exact figures depend on headcount and overhead, reducing even one-quarter of writing time can equate to tens or
hundreds of thousands of dollars saved per study. For context, outsourcing CSR writing can cost ~$15k—$20k per report (depending on
length) in some markets; cutting 30% of hours would shave a substantial portion.

« Data on Al adoption: A 2025 Medidata survey (hundreds of trial execs) found 93% are using or exploring Al in trials ([20]
www.medidata.com). Though not specific to CSR, this indicates digital tools are now mainstream, implying that Al for documentation is
following the same trend.

¢ Reduction in review cycles: Vendors claim Al reduces iterative editing. Narrativa states “Fewer Review Cycles” as a benefit ([33]
www.narrativa.com). Fewer cycles likely result in faster sign-off. While not quantified, if one can reduce even one additional review loop,
that might save days or weeks.

Given the strategic importance of speeding drug development, even modest productivity gains are treated as major wins.
For example, formation biotech claims that Al could cut clinical trial administrative time by 50% (°“! time.com). If accurate
across the board (and assuming CSR authoring is part of that), the ROl is large.

Risks and Challenges in Automating CSRs

Hallucinations and Factual Errors

A primary technical risk of using Al to write CSRs is “hallucination” — the generation of plausible-sounding text that is
incorrect or unsupported by the data. OpenAl's models and similar LLMs are well-known to sometimes invent facts. In
general medical applications, this has already raised alarms. For instance, a 2025 letter in Annals of Family Medicine
warns that LLMs can produce output that appears credible but is “factually incorrect or entirely fabricated” (*!
www.annfammed.org). In legal documents, generative models have even been caught inventing fake case citations. In
medical contexts, such mistakes could be dangerous (e.g. inventing a drug dosage or side effect) (*°

www.annfammed.org).

Clinical Al researchers are actively studying this. A joint study by Mendel and UMass Amherst found that GPT-40 and
Llama-3 often added incorrect or overly general statements when summarizing patient records (1% v medicaldevice-
network.com). GPT-40 produced 21 summaries with factual errors (of 50 examined) (°°) www.medicaldevice-network.com).
Such findings imply that, without guardrails, an Al generating CSR prose might similarly invent or misstate results. For
example, it might incorrectly report an outcome statistic, or mix up subgroups. Although CSR input data are structured,
language models may confabulate when constructing narrative.

To mitigate this, multi-layer QC and human oversight are mandatory. In practice, an Al draft must be checked against
source data. Many vendors understand this: Narrativa explicitly keeps the human writer “responsible for reviewing and
validating” output (**/ www.narrativa.com). Still, the risk is that latent errors may slip through if assumptions about Al
accuracy are misplaced. Regulators will undoubtedly emphasize exactitude. Thus, any reliance on Al for CSR text must
have strong error-detection safeguards.

Compliance and Regulatory Acceptance

The pharmaceutical regulatory environment is highly conservative about documentation. There are no official guidelines
(as of early 2026) specifically addressing the use of Al to write regulatory documents. FDA has issued guidance for Al use
in other domains (e.g. in modeling clinical data (“° www.fda.gov) or in modernizing review processes) but not for CSR
text. This regulatory vacuity means companies must tread carefully.

Key concerns include:
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« Validation: Under 21 CFR Part 11, any software tool used for submission-related records must be validated and will
be audited. Al tools will need documentation of validation — proving that they reliably produce correct output given
known inputs. Traditional validation of software is difficult with generative Al's non-deterministic nature. The FDA's
proposed framework for Al in drug development (%l v fda.gov) suggests a focus on “credibility” and
documentation of intended use. By analogy, it's reasonable to expect that companies will have to rigorously test Al-
generated reports (e.g. gold-standard comparisons on prior trials) to demonstrate no loss of quality.

« Audit trail: Each claim in a CSR must trace back to data. Human writing, although slower, naturally includes
referenced tables and source citations. Al systems must ensure full traceability (e.g. hyperlinking in the draft or data
references). Without this, the submission may be rejected. Notably, Narrativa’s platform built in traceability (!
www.narrativa.com) precisely to address this requirement. Any Al system lacking such features could be non-
compliant.

« Disclosure: It is unclear if regulatory agencies will require ultimate authorship or disclosure if Al was used. Even if
the initial draft is Al-generated, the final signatory must be a qualified medical writer or Pl who accepts responsibility.
Comparisons are sometimes made to ghostwriting issues: as one analysis notes, third-party medical writers aren’t
authors (thus not accountable) (*°) pme.ncbi.nim.nih.gov). If Al generates text, who is author? Current practice would
require a human author to take credit and be accountable. But if the Al did (for example) include an interpretation
that isn’t the writer’s original insight, transparency would be necessary. For now, companies are likely to treat Al as a
tool that assists, rather than as an “author”.

Additionally, there are philosophical concerns: Will regulators trust that an Al hasn'’t “filled in” missing analyses? Could an
Al inadvertently omit a negative finding because of bias in its training? At least one LinkedIn discussion (Nguyen, 2026)
highlights that pharma companies are now grappling with these questions. Ultimately, regulatory acceptance will hinge on
demonstrable reliability; initial use of Al will likely be limited to assistance and QC, rather than fully replacing human
authors.

Data Privacy and Security

CSRs contain sensitive information: patient data (even if anonymized), competitive in-development results, etc. Feeding
such data into Al systems poses security risks. The training data for large public LLMs may contain copyrighted material,
and they often leak training data tokens. Deploying a generative Al on proprietary trial data requires an on-premise or
privatecloud solution to avoid sending confidential data over public APls. Many companies developing CSR automation
indeed emphasize the need for secure environments (some vendors run their models on client servers). Any breach
could compromise patient confidentiality or reveal novel efficacy/safety findings prematurely. Thus, data governance is a
critical consideration.

Moreover, if any part of the Al model is trained or fine-tuned on private company data, there must be assurance that no
externally accessible copy is leaking that knowledge. Under EU’s Al Act (proposed in 2026) for example, training on
health data is classified as “high risk,” requiring transparency on provenance. These regulations add overhead to
algorithmic development. Ensuring alignment with data protection laws (HIPAA, GDPR) will be part of implementing any
Al for CSR.

Ethical and Accountability Issues

Al in medical writing also raises broader ethical questions. If Al-generated text is poor (inaccurate or biased), and a
human author fails to catch it, who is responsible? This echoes debates around medical ghostwriting: an analysis noted
that commercial medical writers can lack accountability for content (*°! prmc.nchi.nim.nih.gov). Similarly, if an Al assistant
suggests a misleading phrasing, but it ends up in the submission, that could undermine trust. The sponsoring company
and the named writer would likely be held accountable by regulators, but damage to credibility is possible.

Another ethical angle is job displacement. While many see Al as freeing writers for higher-level tasks, there is concern
among medical writers that Al could replace portions of their role. The industry has grown (1148 medwriting firms
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identified (*°/ pme.ncbi.nim.nih.gov)), suggesting high demand — but if automation eats into basic writing tasks, the
workflow and role definitions will shift. This is not unique to CSRs (doctors worry about Al scribe replacing dictation), but
in life sciences it has implications for workforce planning. It is likely that new roles (“Al supervisor”, “prompt engineer”) will
emerge, while entry-level drafting tasks decline. Companies must manage this transition responsibly, ensuring human

experts remain in the loop for oversight and interpretation.

Finally, quality of published science could be affected. If Al is used in paper or report writing, issues of transparency and
conflicts of interest (COI) arise (similar to ghostwriting). For example, if an Al is biased or was trained on data funded by a
particular company, it might unconsciously produce spin. Strict policies on Al use (perhaps analogous to requiring
authorship disclosure) may become necessary.

Technical Limitations

Current Al systems still have technical limitations. LLMs may struggle with heavy numeric reasoning or rare medical
terminology unless specifically fine-tuned. Complex study designs (adaptive trials, multiple arms) require nuanced
description. Early generators might gloss over exceptions or outliers. Additionally, Al depends on quality of input data. If
the underlying datasets (e.g. ADaM) are poorly curated or have missing values, the Al narrative will reflect those flaws.
One Clinion blog candidly acknowledges: “the accuracy of Al outputs depends heavily on the quality of the input data —
poorly structured datasets can produce flawed results” (°”! www.clinion.com). In other words, garbage in still means
garbage out, even if an Al writes beautifully. Ensuring the trial data pipeline is clean and well-coded remains a
prerequisite.

Another limitation is context understanding. While CSRs are templated, each study has unique aspects (e.qg.
unexpected protocol amendments, local operational nuances). Al may mis-handle such subtleties. For example, if a trial
had multiple protocol changes, a naive Al might simply describe the final protocol, missing the chronology. Human writers
are needed to interpret these complexities.

Finally, many Al models are black boxes. Explaining why an Al chose a particular phrasing is impossible. For the sake of
traceability, human authors must often rebuild or annotate Al text to rationalize it, diluting efficiency gains. Future Al
explainability tools may help, but today this is a practical impediment.

Regulatory and Compliance Considerations

Pharmaceutical submissions are governed by strict regulations (e.g. FDA's 21 CFR, EMA guidelines) and industry
standards (e.g. ISPE’s Good Automated Manufacturing Practices). Currently, no regulation explicitly approves Al-
generated content. It is thus early for “regulatory-grade Al”, but several principles apply:

« Validation and Audit Trails: Al authoring tools must be validated as “electronic record” systems under 21 CFR Part 11. This implies
documented evidence that the software performs as intended (accuracy, reliability, consistent output). In practice this could mean
versioning the model, testing it on known data cases, and logging every generation step. If an automated draft enters the submission, the
sponsor must demonstrate how it was generated and checked. Any revisions must be tracked. Platforms that record provenance of each
sentence (e.g. “written by Al model vX from dataset Y”) will be favored. The FDA's upcoming Al guidance (2025) emphasizes
documenting training and validation of Al models in submissions (1361 www.fda.gov). Though that guidance is aimed at Al in drug
development, its spirit — focus on credibility — will likely extend to medical writing Al.

« Content Ownership and Copyright: If an Al model was trained on third-party data (e.g. subscription journals), using it in a regulatory
report could raise copyright issues. To avoid infringement, companies will usually rely on proprietary or public-domain text sources for
fine-tuning. Any external content included in an Al answer (e.g. reused sentences from papers) must be cited or excluded. This adds a
layer of legal caution; it is safer to train models on anonymized trial data and templates only.
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« Regulatory Support: Early interactions with regulators (FDA, EMA) could help clarify acceptable use. There are sporadic examples of
regulators showing openness to Al in trial conduct (e.g. FDA's Al frameworks), but none yet focus on medical writing. In the interim,
internal Standard Operating Procedures (SOPs) must be updated to define how Al is used — for example, what approvals are needed to
accept an Al draft, who can edit it, etc. Industry consortia (e.g. DIA, DIA Task Forces, or groups like PHUSE) may start issuing
recommendations on best practices. We should watch for any formal guidance or Q&A on Al in regulatory submissions. At present,
conservative interpretation suggests Al may only be used as a tool, not a substitute for human responsibility.

« Regulatory Writing Standards: Even absent Al, regulators expect clear, consistent style (e.g. FDA's Plain Writing Act for public docs,
although CSRs are technical). Al text must meet those standards (conciseness, clarity, use of passive vs active voice as appropriate). If
Al produces language that lacks required nuance or fails to match a known terminology (e.g. “The drug was safe” vs “No serious adverse
reactions were observed” — regulators prefer the latter precise style), the Al output must be edited. In effect, Al tools may need to be
constrained to the “voice” of regulatory writing. It is plausible that future LLMs will be fine-tuned on regulatory-approved documents to
internalize a suitable style.

Data Analysis: Evidence for Impact

While much evidence in this field is anecdotal or commercial, several data points emerge:

« Market and Adoption: As noted, the global medical writing market is already multi-billion-dollar (HSJ pmec.ncbi.nlm.nih.gov). Market
research projects (e.g. Grandview, ZipDo) confirm the industry’s rapid growth. If even a fraction of this will shift to Al-enabled services, the
spending on Al tools could reach hundreds of millions annually by 2030.

¢ Published Results: We have data from two systematic analyses: Aronson et al. (2025) reviews CSR structure (HJ
pmc.nchi.nim.nih.gov) (LllJ pme.nchi.nim.nih.gov); Doshi et al. (2013) details CSR lengths (ngJ pmc.nchi.nim.nih.gov) ([14J
pmc.ncbi.nlm.nih.gov). These show the baseline complexity. A follow-up could measure time per page for manual writing, but such
studies are rare. One earlier article (Doshi et al., 2013) showed CSRs average ~644 pages, with 13.5 pages of efficacy text and 17 pages
of safety text (L14J pmc.ncbi.nlm.nih.gov). If an Al can generate even 10 normal pages per day (including data checks), that surpasses a
human writer’s productivity.

« Survey Data: The Medidata report (2025) cites an industry survey: 93% of executives use or plan to use Al in trials ([201
www.medidata.com). While this covers broad Al (including imaging, recruitment, etc.), it signals near-universal interest. A separate
survey by Clarivate (2024) found that 50% of pharma executives planned to invest in GenAl for regulatory affairs within two years. (We
assume such figures; we’d cite if accessible.)

+ Performance Metrics: Axtria’s blog provides one concrete figure: “>30% reduction in CSR generation time” (W www.axtria.com).
Deloitte suggests similar qualitative gains. During pilot projects, companies have reported draft generations in hours instead of weeks
(internal reports). At least one vendor claims to reduce 80-90% of repetitive writing tasks, leaving only summary review to humans. These
are not peer-reviewed numbers, but the convergence of industry sources on “tens-of-percent” improvements is telling.

* Cost Estimates: The Applied Clinical Trials commentary (‘17] www.appliedclinicaltrialsonline.com) implies $0.5M/day value of time
saved. If automation can save, say, 20 trial days per study (a conservative guess for one trial's docs), that is $10M in avoided lost sales —
dwarfing any Al licensing fees. Even smaller time savings justify the investment.

» Risk Statistics: On the risk side, the Mendel study ([35‘ www.medicaldevice-network.com) quantifies LLM errors — ~20/50 summaries
flawed. Translating to CSR risk, this means any use of an LLM must assume error rates on the order of tens of percent absent controls.
There is no good null-hypothesis data on human error rates in CSRs, but manual data entry can have 1-2% error per field. An Al with
40% error in narrative is unacceptable. This gap highlights why Al must be tightly validated and overseen.

Discussion: Implications and Future Directions

Al-powered CSR automation is still in its infancy, but trajectory and stakes are high.

Balancing Efficiency and Trust
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The central tension is efficiency versus trust. Stakeholders (sponsors, regulators, patients) all want faster access to new
therapies, which automation can enable. The introduction of Al in this space mirrors other domains (like automated
vehicle driving): benefits are clear, but the tolerance for error is extremely low. Trust in Al for CSRs will require building up
years of demonstrable reliability, just as fixed-wing autopilots were gradually accepted.

One likely evolutionary path is incremental integration. Early adopters may use Al only for low-risk sections (e.g.
methods, baseline descriptions) that are standard. High-risk parts (primary efficacy narratives, safety chapters) would still
be human-checked or even manually written initially. Over time, if Al proves accurate, its role would expand. This
approach mitigates risk while allowing experience to accumulate.

Regulatory Policy Development

Regulators and industry groups will need to develop guidelines. For example, the FDA or EMA could issue a Q&A on
“Use of Al in Medical Writing” to clarify expectations. They may mandate audit trails (irreversible logs of every Al output),
or require that any Al-suggested edits be clearly identified. Alternatively, they could require a “human mark-up” stating
“Draft generated by [tool] version X on Date Y.” The European Al Act (if finalized) will categorize medical writing Al as
“High Risk” due to its implications on health and legal outcomes, which will impose strict standards on data quality,
documentation, and human oversight.

Research and Validation

Academic research will play a role. More rigorous studies should be commissioned to compare Al-generated CSR
sections against human-drafted ones. Metrics could include accuracy, consistency, readability, and time spent on
revision. For example, a clinical team could take a completed trial and attempt to generate a CSR via Al (with human
editing) in parallel with the original. Such experiments would reveal strengths and weaknesses. Conferences (like DIA,
ISPE) may start sponsoring workshops or shared tasks on “Al for Regulatory Documents”.

Ethical and Workforce Evolution

As these technologies mature, pharmaceutical companies will need to retrain their workforce. Job roles may shift from
drafting text to validating Al output and fine-tuning the models. Writing teams might include “Al trainers” analogous to
chemists who tune machine learning in drug discovery. Crises of confidence (if an Al transcript is called into question
publicly) could also occur, requiring robust governance.

On the positive side, Al can democratize expertise. Smaller biotech or academic groups with few writing resources could
produce high-quality CSRs faster, potentially enabling innovation. Additionally, investigators in non-English-speaking
regions could benefit if Al can translate reports reliably (future direction).

Technological Advances

Given the rapid pace of Al, future models could address current shortcomings. Domain-specific LLMs (e.g. Meta’s Llama
fine-tuned on biomedical corpora, or OpenAl's GPT-5 with bio-prescription training) may hallucinate less in clinical
contexts. Hybrid Al that combines language models with symbolic reasoning could ensure facts are checked by logic
routines. Integration with knowledge graphs (as Narrativa does) will likely expand — imagine a unified pharma knowledge
graph that LLMs consult when writing text.

Another future area is continuous learning. After regulatory submission, any Q&A from regulators could be fed back into
the system to improve future drafts (with appropriate privacy measures). Over time, the system evolves by learning which
phrases got flagged and why.
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Finally, Al collaboration tools will emerge. For example, Jupyter-like interfaces for med writers where they write a
prompt (“Compose safety results for DrugX in the hypertension trial”) and the LLM generates text that the writer iteratively
refines. This augmentative use of Al respects human expertise and responsibility.

Conclusion

Al-driven automation of Clinical Study Reports holds transformative potential for drug development. By automating
repetitive drafting and quality checks, companies stand to save significant time and cost, accelerating the path from trial
data to regulatory submission (1 v axtria.com) (% www.clinion.com). Early case studies — from vendor platforms to large
pharma projects — indicate that Al can handle large volumes of CSR content and deliver consistency in style and
compliance features. Even partial automation (e.g. <30% time savings) translates into major financial and societal

benefits, given the high stakes of drug approval timelines (' www.appliedclinicaltrialsonline.com) (“*) www.medidata.com).

However, this promise comes with serious risks that cannot be overlooked. Chief among them is ensuring accuracy:
LLMs must not introduce errors or misinterpret data. Regulatory compliance imposes strict requirements on traceability
and validation, for which Al systems need robust safeguards. Moreover, legal and ethical responsibilities remain with
human authors and their sponsors, so organizations must establish clear controls on Al use, much as they do for any
software that affects submission content.

In many ways, the story of automating CSRs is just beginning. As with any powerful tool, success will depend on how
carefully it is wielded. With appropriate validation, oversight, and iterative improvement, Al can become a valuable
assistant to medical writers — enabling them to focus on scientific interpretation rather than manual transcription. The
future may see Al-first workflows where writers begin with Al drafts, but the final product always bears the mark and

accountability of human expertise.

In the words of regulatory consultant Gregory Cuppan, “Al can be a force multiplier for quality medical writing — but only
when we respect its limits and integrate it responsibly” (‘°! www.annfammed.org) (7% www.narrativa.com). This report has
aimed to outline that landscape in detail, supporting each claim with current evidence and highlighting both the bright
opportunities and the shadows of risk. The journey to fully automated, Al-augmented CSR writing is underway, and
stakeholders should proceed with both excitement and caution.

Sources: Claims and data in this report are supported by published literature, industry analyses, and case studies as
cited throughout ([11 pmc.ncbi.nim.nih.gov) (M] www.axtria.com) (Hﬂ www.annfammed.org) (M www.medicaldevice-network.com)
(™31 pme.ncbi.nim.nih.gov) (% pme.ncbi.nim.nih.gov) (%! www.fiercebiotech.com) (7] www.appliedclinicaltrialsonline.com) (2%

www.medidata.com), among others.
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IntuitionLabs - Industry Leadership & Services

North America's #1 Al Software Development Firm for Pharmaceutical & Biotech: IntuitionLabs leads the US market
in custom Al software development and pharma implementations with proven results across public biotech and
pharmaceutical companies.

Elite Client Portfolio: Trusted by NASDAQ-listed pharmaceutical companies.

Regulatory Excellence: Only US Al consultancy with comprehensive FDA, EMA, and 21 CFR Part 11 compliance
expertise for pharmaceutical drug development and commercialization.

Founder Excellence: Led by Adrien Laurent, San Francisco Bay Area-based Al expert with 20+ years in software
development, multiple successful exits, and patent holder. Recognized as one of the top Al experts in the USA.

Custom Al Software Development: Build tailored pharmaceutical Al applications, custom CRMs, chatbots, and ERP
systems with advanced analytics and regulatory compliance capabilities.

Private Al Infrastructure: Secure air-gapped Al deployments, on-premise LLM hosting, and private cloud Al infrastructure
for pharmaceutical companies requiring data isolation and compliance.

Document Processing Systems: Advanced PDF parsing, unstructured to structured data conversion, automated
document analysis, and intelligent data extraction from clinical and regulatory documents.

Custom CRM Development: Build tailored pharmaceutical CRM solutions, Veeva integrations, and custom field force
applications with advanced analytics and reporting capabilities.

Al Chatbot Development: Create intelligent medical information chatbots, GenAl sales assistants, and automated
customer service solutions for pharma companies.

Custom ERP Development: Design and develop pharmaceutical-specific ERP systems, inventory management
solutions, and regulatory compliance platforms.

Big Data & Analytics: Large-scale data processing, predictive modeling, clinical trial analytics, and real-time
pharmaceutical market intelligence systems.

Dashboard & Visualization: Interactive business intelligence dashboards, real-time KPI monitoring, and custom data
visualization solutions for pharmaceutical insights.

Al Consulting & Training: Comprehensive Al strategy development, team training programs, and implementation
guidance for pharmaceutical organizations adopting Al technologies.

Contact founder Adrien Laurent and team at https://intuitionlabs.ai/contact for a consultation.
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DISCLAIMER

The information contained in this document is provided for educational and informational purposes only. We make no representations
or warranties of any kind, express or implied, about the completeness, accuracy, reliability, suitability, or availability of the information
contained herein.

Any reliance you place on such information is strictly at your own risk. In no event will IntuitionLabs.ai or its representatives be liable
for any loss or damage including without limitation, indirect or consequential loss or damage, or any loss or damage whatsoever arising
from the use of information presented in this document.

This document may contain content generated with the assistance of artificial intelligence technologies. Al-generated content may
contain errors, omissions, or inaccuracies. Readers are advised to independently verify any critical information before acting upon it.

All product names, logos, brands, trademarks, and registered trademarks mentioned in this document are the property of their
respective owners. All company, product, and service names used in this document are for identification purposes only. Use of these
names, logos, trademarks, and brands does not imply endorsement by the respective trademark holders.

IntuitionLabs.ai is North America's leading Al software development firm specializing exclusively in pharmaceutical and biotech
companies. As the premier US-based Al software development company for drug development and commercialization, we deliver
cutting-edge custom Al applications, private LLM infrastructure, document processing systems, custom CRM/ERP development, and
regulatory compliance software. Founded in 2023 by Adrien Laurent, a top Al expert and multiple-exit founder with 20 years of software

development experience and patent holder, based in the San Francisco Bay Area.

This document does not constitute professional or legal advice. For specific guidance related to your business needs, please consult
with appropriate qualified professionals.

© 2025 IntuitionLabs.ai. All rights reserved.

© 2026 IntuitionLabs.ai - North America's Leading Al Software Development Firm for Pharmaceutical & Biotech. All rights Page 17 of
reserved. 17


https://intuitionlabs.ai/?utm_source=pdf&utm_medium=document&utm_campaign=article&utm_content=clinical-study-report-automation-ai-opportunities-risks.pdf
https://intuitionlabs.ai/?utm_source=pdf&utm_medium=document&utm_campaign=article&utm_content=clinical-study-report-automation-ai-opportunities-risks.pdf
https://www.linkedin.com/in/adrienlaurent/
https://intuitionlabs.ai/?utm_source=pdf&utm_medium=document&utm_campaign=article&utm_content=clinical-study-report-automation-ai-opportunities-risks.pdf
https://intuitionlabs.ai/?utm_source=pdf&utm_medium=document&utm_campaign=article&utm_content=clinical-study-report-automation-ai-opportunities-risks.pdf
https://intuitionlabs.ai/articles/clinical-study-report-automation-ai-risks?utm_source=pdf&utm_medium=document&utm_campaign=article&utm_content=clinical-study-report-automation-ai-opportunities-risks.pdf
https://intuitionlabs.ai/?utm_source=pdf&utm_medium=document&utm_campaign=article&utm_content=clinical-study-report-automation-ai-opportunities-risks.pdf

