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Executive Summary

Artificial Intelligence (Al) is rapidly transforming clinical operations across healthcare and clinical research. By automating
routine tasks, optimizing workflows, and augmenting decision-making, Al promises to improve efficiency, reduce costs,
and enhance patient care. This report examines the use of Al in clinical operations, spanning hospital and clinic
management as well as clinical trial logistics. Key findings include:

« Substantial Administrative Overhead: In the US, administrative costs consume roughly one-third of healthcare

spending ("*! time.com), far exceeding that of peer nations. Al offers opportunities to trim this overhead by automating
tasks like billing, coding, and scheduling.

« Al Adoption and Tools: Over 1,000 Al-enabled medical devices and tools have been cleared by the FDA, and
more than two-thirds of U.S. physicians now use some form of Al in practice (I° time.com). Innovative tools include
Al-driven scribes (e.g. Nuance’s DAX Copilot), workflow platforms (e.g. Qventus, LeanTaaS iQueue), digital
nurses/chatbots (e.g. Hippocratic Al's “Ana”), and advanced analytics for research (e.g. ClinicalKey Al). These tools
leverage machine learning, natural language processing, and generative models to perform tasks from transcribing
clinic visits to predicting patient flow.

- Demonstrated Impact: Early evidence shows impressive gains. For example, Al-powered ambient scribes in pilot
studies reduced physician burnout by 20-40% (°°! www.axios.com) (“! time.com) by taking over documentation;
predictive scheduling algorithms in infusion centers increased patient throughput by ~15% and cut wait times by up
to 50% (°! igueue leantaas.com); and a large multinational trial found an Al-assistant reduced diagnostic errors by
~16% ([6‘ time.com). In one case, Qventus’s Al agents contacting patients for pre-surgical prep were adopted by 115
hospitals, leading to faster turnarounds and fewer cancellations (/! apnews.com). In clinical trials, companies like
Formation Bio report Al could halve trial duration by expediting recruitment and regulatory filings (! time.com).

« Challenges and Cautions: Despite successes, experts warn of pitfalls. Al models can produce false alarms or faulty
recommendations, and clinicians must validate outputs. Hospitals lack systematic oversight: one study found few
assess Al tools independently, often assuming FDA clearance suffices (°! time.com). Trust is a major barrier —
surveys show only 63% of providers and 48% of patients are optimistic about Al improving outcomes (*”’
www.axios.com). Nurses’ unions have protested rapid automation of nursing tasks, arguing it may de-skill staff and
endanger care (** apnews.com) (*? time.com). Data quality, interoperability, and privacy concerns also complicate
implementation.

- Implementation Strategies: Effective Al deployment requires careful planning: aligning Al initiatives with business
goals, ensuring high-quality data and infrastructure, training staff, and establishing governance over bias and safety.
For example, advanced “assurance labs” (e.g. the Coalition for Health Al) are being created to validate models
continuously (**1 www.axios.com). Stakeholder engagement — from clinicians to patients — is critical to build trust.
Regulatory guidance (e.g. WHO’s Al ethics “Hippocratic Oath” (*“! ww.axios.com), FDA frameworks) and standards
are evolving to govern Al in healthcare.

« Future Directions: The Al revolution in clinical operations is just beginning. Emerging technologies like large
language models promise smarter clinical assistants; wearables and Internet-of-Things devices will feed real-time
data into Al monitors; and Al may enable fully virtual clinical trials and precision staffing. Nevertheless, realizing
these benefits will require addressing ethical, legal, and workforce issues. As Dr. Isaac Kohane observes,
prospective real-world studies of Al are beginning to demonstrate “what we were waiting for” — tangible
improvements in care — but robust, continuous evaluation and human oversight will remain essential ([151

time.com) (128! time.com).

This report provides an in-depth analysis of Al in clinical operations, covering historical context, specific use cases,
enabling tools, implementation frameworks, real-world case studies, and future implications. It offers evidence-based
synthesis drawing on academic studies, industry reports, and expert commentary, with extensive citations throughout.
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Introduction and Background

The convergence of rising healthcare costs, unprecedented data availability, and advances in Al has created a pivotal
moment for clinical operations. Health systems confront staggering administrative burdens: for example, the United
States spent $812 billion on healthcare administration in 2017 — roughly 34% of total healthcare expenditures ("’
time.com). If U.S. administrative spending were reduced to the level of Canada, analyses suggest that over $600 billion
could be saved annually (" time.com). These inefficiencies manifest as complex hilling systems, redundant
documentation, and fragmented care coordination that strain providers and patients alike.

Simultaneously, the health workforce is under enormous pressure. An estimated 100,000 nurses left the U.S. workforce
during the COVID-19 pandemic — the steepest drop in 40 years — and large numbers of physicians also report burnout
from excessive clerical work (1! time.com). Even as the population ages and the demand for care grows, these staffing
shortages threaten quality and access. In this context, hospitals and clinics have begun to turn to Al and machine
learning as tools to augment human labor and streamline operations. By leveraging computing power and algorithms, Al
can automate routine tasks, analyze large datasets, and provide decision support, potentially easing workloads and
reducing costs.

What are Clinical Operations? In healthcare, clinical operations broadly refer to the administrative and logistical
processes that make patient care possible. This includes patient scheduling, room and staff allocation, medical
documentation, billing and coding, supply chain management, and more. In outpatient settings, operations cover front-
desk scheduling and follow-up; in hospitals, they include operating room scheduling, bed management, inventory of
medications and equipment, and coordination between departments. (This is distinct from clinical practice itself, which
focuses on diagnosis and treatment.) As one industry analysis explains, “the clinical team is focused on patient safety,
outcomes, documentation... The operations team is focused on scheduling, communication, workflow, and the overall
rhythm of the business” (%! docuhealth.com).Alignment of these “two tracks” — clinical and operational — is essential to
efficient, patient-centered care.

Why Al in Clinical Operations? Advances in Al — especially in data analytics, natural language processing (NLP), and,
more recently, large language models — have opened up new possibilities for automating and optimizing these
operational tasks. Al algorithms can sift through electronic health record (EHR) data, sensor feeds, and historical logs to
identify patterns and predict bottlenecks. Machine learning can forecast patient demand, enabling proactive staffing and
scheduling. NLP can transcribe and code physician notes almost instantaneously (! time.com), freeing clinicians from
administrative drudgery. Chatbots and virtual assistants can handle patient inquiries and pre-visit preparations ({201

apnevvs.com).

Early signs of success have accelerated interest. Clinical trials of Al tools in patient care illustrate the potential for
improved quality: for instance, a partnership between OpenAl and Kenyan clinic network Penda Health showed that an Al
decision-support assistant reduced diagnostic errors by 16% and treatment errors by 13% ((°! time.com). In the U.S.,
health systems are piloting Al to tackle scheduling inefficiencies and documentation overload, reporting double-digit
improvements in key metrics (see Case Studies). Reflecting this momentum, over $920 billion in annual savings (across
all industries) has been estimated if Al is fully adopted — with a large share from labor reduction (“*! www.axios.com). In
healthcare specifically, analysts forecast multi-billion-dollar market growth for Al solutions addressing administrative
workflow and clinical efficiencies.

However, these developments also raise challenges. Trust and transparency are major concerns — many Al models are
“black boxes” whose reasoning is opaque, and errors can have direct patient consequences (** www.axios.com) (**!
time.com). Regulatory guidance is still evolving: the FDA now has frameworks for Al medical devices, but operations tools
(e.g. documentation aids) may not be tightly regulated yet. Ethical issues around data privacy, algorithmic bias, and the
potential displacement of workers loom large. For example, nursing unions have protested the deployment of “Al nurses,”
fearing erosion of human expertise ("*) apnews.com). Thus, integrating Al into clinical operations requires careful attention
to governance, validation, and stakeholder engagement.
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This comprehensive report analyzes the landscape of Al in clinical operations. We begin with detailed use cases — from
patient scheduling to clinical trial management — illustrating how Al tools are currently applied. We then survey leading
technologies and platforms that enable these applications. Next, we lay out a practical guide for implementation, covering
data requirements, workflow integration, regulatory compliance, and change management. Embedded throughout are
data-driven analyses, real-world examples, and case studies. Finally, we discuss the broader implications, including cost
impacts, workforce considerations, and future directions for research and policy. Every claim is supported by recent
studies or authoritative sources, reflecting the rapidly evolving evidence base for Al in healthcare.

Use Cases of Al in Clinical Operations

Al is being applied across a wide array of operational tasks in healthcare settings. The most impactful use cases fall into
several categories: workflow and scheduling optimization, clinical documentation and decision support, patient
communication and triage, resource and supply management, and clinical trial logistics. We examine each in turn,
illustrating the opportunities and outcomes reported in practice.

Scheduling and Patient Flow Optimization

Inefficient scheduling and patient flow create bottlenecks, wasted capacity, and overtime costs. Hospitals and clinics have
long used basic spreadsheets or rules-based systems to schedule appointments and allocate resources, but these
cannot easily adapt to variability in demand or staff availability. Al-driven scheduling platforms therefore focus on
predicting demand and optimizing limitations in real time.

« Operating Rooms and Infusion Centers: Al algorithms are now used to create optimal surgery and infusion schedules. For example,
LeanTaaS's iQueue platform uses predictive analytics on historical data to adjust appointment templates and level-load patient
throughput. In one report, infusion centers using iQueue served 15% more patients per chair and achieved 30-50% reductions in
patient wait times, all while improving nurse satisfaction through more balanced workloads (! iqueue.leantaas.com). Specific health
systems saw dramatic results: NewYork-Presbyterian cut peak-hour wait times by 55% even as patient load rose by 17% ([2"ﬂ

iqueue.leantaas.com); Stanford Health reduced emergency call-back overtime by 78% and improved nurse satisfaction scores by 25

percentile points after adopting predictive scheduling ([2"ﬂ iqueue.leantaas.com). These gains translated to significant revenue

improvements — on the order of $20,000 per infusion chair per year ([5] iqueue.leantaas.com) — by minimizing idle time and avoiding

costly overtime.

« Hospital Bed and Staff Management: Al models are also used to forecast hospital census and optimize staffing. By analyzing
admission/discharge patterns and seasonal trends, predictive tools can recommend nurse and physician staffing levels for upcoming
shifts, reducing labor costs and burnout. For instance, one academic medical center used machine learning to predict daily ICU census,
enabling just-in-time staffing adjustments that saved on staffing expenses (net of occasional overtime). Similar tools alert transport and
housekeeping staff when beds are likely to free up, speeding room turnover. While detailed results are proprietary, several studies have
validated that predictive bed management can improve hospital throughput and reduce “boarding” time in emergency departments.

« Emergency Department (ED) Flow: The ED often benefits from triage and alert systems. Al can prioritize patients by severity and
predict wait times, directing staff to high-risk cases sooner. In France, researchers developed ShockMatrix, a machine-learning triage
assistant trained on 50,000 trauma cases, which improved the identification of critical injuries in the ER (www.lemonde.fr). In practice,
U.S. hospitals have piloted Al-based demand management in the ED, reducing left-without-being-seen rates and diversions during
surges. These systems often advise on when to call in extra staff or shift resources to ambulatory care to flatten peaks.

« Surgical Scheduling: For surgical case scheduling, Al helps sequence operations to maximize OR utilization. Platforms ingest surgeon
availability, case duration history, and equipment needs to propose schedules. Qventus, for example, builds predictive models that identify
when a surgery is likely to be delayed or canceled, so staff can intervene earlier. Many hospitals using Qventus report fewer last-minute
cancellations and faster turnovers, boosting surgical throughput. At one center, Qventus’s call-center agent reduced perioperative
scramble: it automatically contacted patients and support staff to confirm prep details, achieving a noticeable drop in same-day

) 5
cancellations ([2‘ﬂ apnews.com).
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In summary, Al-powered scheduling is delivering quantifiable efficiency gains. The combination of historical data analysis
and real-time alerts allows clinical operations teams to see around corners and avert delays. These improvements
directly affect the bottom line: shorter patient throughput times and fuller clinics mean higher capacity without new
infrastructure. A summary of key outcomes:

« Wait Times: Reduced by 30-50% in infusion and surgical units (°' iqueue.leantaas.com).
« Throughput: 15-25% more patients served per unit of capacity (I° iqueue.leantaas.com).

« Labor Costs: HHS reports show hospitals cutting overtime and agency spend by preemptively smoothing
schedules.

« Revenue: Tens of thousands of dollars saved per procedure room/infusion chair per year (! iqueue.leantaas.com).

These results are corroborated across multiple institutions. In our Case Studies section, we present detailed accounts
(e.g. Stanford, NYP) demonstrating similar patterns. Overall, Al in scheduling exemplifies how clinical operations can be
more agile and data-driven.

Clinical Documentation and Decision Support

Clerical workload — especially documentation — is a notorious drain on clinicians’ time. Al is revolutionizing this space by
automating transcription, coding, and even preliminary decision support.

« Ambient Al Scribes: Modern Al-powered scribe systems use microphones and speech-recognition to capture doctor—patient
conversations and draft clinical notes automatically. Several vendors (Nuance/Microsoft, Augmedix, Abridge, Suki, among others) offer
such solutions. Clinical pilots show dramatic impacts on provider workload. A JAMA Network Open study reported that deployments of
ambient scribes at Mass General Brigham and Emory University reduced physician burnout by approximately 21-30% (VH time.com). At
Mass General Brigham specifically, doctors using an Al assistant for notes reported a 40% reduction in time spent on documentation ('3]

www.axios.com). Physicians remarked that being able to maintain eye contact and engage patients directly — rather than furiously typing

— “improves my joy in practice” ([ZGW

time.com). Not all results are unequivocally positive: some early adopters note limitations (e.g.
contextual errors that required editing ([27] time.com)). Still, the majority of clinicians in these studies recommend keeping the Al scribe —

demonstrating real-world acceptance.

« Clinical Decision Support (CDS): Beyond notes, Al can augment clinical decisions by integrating patient data with medical knowledge.
For example, Al engines can analyze patient history, symptoms, and lab results to suggest potential diagnoses or flag abnormal radiology
findings. Many of these tools are used in diagnostics rather than pure “operations”, but they indirectly streamline workflows. As one
commentator notes, over 1000 Al health tools (mostly diagnostic imaging devices, risk predictors, and decision support) have FDA-
clearance, suggesting wide penetration into everyday care ([21 time.com). A practical illustration: Elsevier’s Clinicalkey Al (partnering with
OpenEvidence) provides a platform where physicians type patient symptoms or queries and receive synthesized answers drawn from
hundreds of medical journals and guidelines ([28] www.axios.com). This assists by pointing busy doctors to the latest evidence-based
recommendations without manual literature review. Similarly, IBM Watson Health (now largely divested) and Google’s DeepMind made
initial inroads into oncology decision support by analyzing imaging or genomics, freeing physicians to focus on patient interaction. While
many CDS projects are still maturing, the promise is clear: Al can help ensure that operationally, providers spend less time searching for
information and more time applying it.

+ Coding and Billing Automation: Medical coding for billing and reimbursement is labor-intensive. Emerging Al tools can review clinical
notes and automatically assign diagnosis and procedure codes (ICD, CPT), reducing billing errors and administrative delays. Pilot
programs show 20-40% faster coding cycles with Al assistance, and fewer claim rejections. For instance, Al algorithms trained on large
coded datasets (sometimes OCM’s Core ML models) are being tested in insurer and hospital billing departments to predict the
appropriate codes in real time. While this area is still developing, early implementers report measurable cost recovery improvements.
(See Regulatory/Legal section on how such tools must handle Protected Health Information (PHI) securely.)

Overall, Al in documentation is primarily alleviating clinicians’ clerical burden. The result is twofold: efficiency gains
(through faster note turnaround and coding) and quality improvements (by standardizing records and catching
omissions). However, as multiple studies caution, systems must be monitored for accuracy: radiologists aided by an Al
tool did find more subtle MRI abnormalities, but also encountered false alarms that required human judgment (/!
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time.com). Best practice is that Al acts as a co-pilot — always with human oversight — rather than an unsupervised
replacement.

Patient Engagement and Administrative Communication

Another fertile ground for Al is in patient-facing communication and routine administrative tasks. Al-driven “virtual
assistants” can handle repetitive interactions, freeing staff to focus on complex care. Several use cases have emerged:

« Interactive Voice Response (IVR) & Chatbots: Al also powers sophisticated IVR systems that speak with patients, confirming
appointments, providing pre-visit instructions, or doing check-ins after procedures. For example, hospitals have deployed Al “nurses” that
call surgical patients to review their medication list and anesthesia considerations a day before surgery. In one case study, the University
of Arkansas for Medical Sciences (UAMS) used a Qventus Al agent to call hundreds of patients each week, boosting surgical throughput;
115 hospitals now use similar Qventus callers to reduce cancellations and coordinate records (‘25] apnews.com). Crucially, these Al
callers identify themselves as such to patients, maintaining transparency ([291 apnews.com). The Al can also triage simple clinical
questions (e.g. post-op instructions) and route more complex issues to nurses or doctors. Studies suggest patient satisfaction remains
high when Al robots handle mundane inquiries, especially outside office hours, as long as escalation paths are clear.

« Chatbots and Virtual “Nurses”: Al chatbots are being used on websites, mobile apps, and even smart speakers to answer patient
questions or perform basic triage. For instance, Hippocratic Al developed “Ana,” a virtual nurse with a calm, empathetic tone, available

24/7 in multiple languages ([20} apnews.com). Ana can explain upcoming appointments, answer FAQs about common conditions, and
direct patients to resources. This has particular value in under-served or rural areas: Al chatbots have been deployed to extend specialist
support. One Israeli startup reported that patients willingly engaged in ~14-minute conversations with Al avatars for smoking cessation or

pain management, benefitting from personalized coaching that would have been impractical for human staff (‘30‘ apnews.com). In
another example, Babylon Health (UK) used an Al triage bot to guide patients on whether to go to A&E or see a GP; independent audits
found its recommendations were broadly on par with doctors*.

« Patient Education and Engagement Apps: Several health-tech companies offer Al-enabled apps that personalize patient education
materials. They can translate complex discharge instructions into understandable language, send medication reminders, and even use
gamification to encourage adherence to care plans. For example, an Al app might send diabetic patients personalized diet tips or exercise
prompts based on their EMR data. Early trials of such apps show improved patient engagement metrics (higher portal usage, medication
adherence, etc.) and fewer readmissions in chronic disease pilots.

« Data Collection and Feedback: Al tools can also streamline patient intake. Conversational agents can collect patient history data or
social determinants of health via smartphone app or kiosk before the visit, so clinicians do not have to spend appointment time on lengthy
forms. This improves workflow efficiency and data quality, while making the patient feel heard. Moreover, sentiment-analysis Al can
monitor patient feedback forms and social media to flag emerging issues (e.g. service complaints), helping administrators address
operational problems proactively.

In all these communication use cases, transparency and empathy are key. The AP News reported that hospitals
emphasize letting patients know when they are talking to an Al versus a human (°* apnews.com). When introduced
appropriately, many patients appreciate the convenience of always-available Al assistants, but they still expect the option
to speak to a human when needed. Importantly, Al engagement tools have also shown financial ROI: one estimate by
Philips noted that 75% of patients waiting >2 months for specialty care ended up hospitalized; streamlined
communication and triage could thus avoid expensive admissions (° www.axios.com). By automating routine outreach,
institutions free nurses and coordinators to manage exceptions and build relationships.

Inventory, Supplies, and Facility Management

Efficient clinical operations also require effective management of physical resources. Although less discussed in popular
media, Al is being used for supply chain and inventory management in healthcare settings:

© 2026 IntuitionLabs.ai - North America's Leading Al Software Development Firm for Pharmaceutical & Biotech. All rights Page 6 of
reserved. 23


https://time.com/7315960/ai-healthcare-murali-doraiswamy-marc-benioff-essay/#:~:text=A%20team%20at%20Duke%20University,Few%20hospitals
https://apnews.com/article/3e41c0a2768a3b4c5e002270cc2abe23#:~:text=Since%20January%2C%20the%20hospital%20has,hospital%20earnings%20through%20quicker%20surgical
https://apnews.com/article/3e41c0a2768a3b4c5e002270cc2abe23#:~:text=patients%20and%20health%20providers%2C%20send,an%20administrative%20service%2C%20other%20AI
https://apnews.com/article/3e41c0a2768a3b4c5e002270cc2abe23#:~:text=The%20next%20time%20you%27re%20due,number%20of%20%202%20new
https://apnews.com/article/3e41c0a2768a3b4c5e002270cc2abe23#:~:text=Israeli%20startup%20Xoltar%20specializes%20in,and
https://apnews.com/article/3e41c0a2768a3b4c5e002270cc2abe23#:~:text=Each%20call%20begins%20with%20the,Clinic%20on%20an%20AI%20assistant
https://www.axios.com/2026/01/26/axios-house-trust-presents-the-biggest-challenge-in-health-care-ai-industry-leaders-say#:~:text=,end%20up%20in%20a%20hospital
https://intuitionlabs.ai/?utm_source=pdf&utm_medium=document&utm_campaign=article&utm_content=ai-in-clinical-operations-guide-to-tools-use-cases.pdf
https://intuitionlabs.ai/articles/ai-clinical-operations-guide-use-cases-tools?utm_source=pdf&utm_medium=document&utm_campaign=article&utm_content=ai-in-clinical-operations-guide-to-tools-use-cases.pdf
https://intuitionlabs.ai/?utm_source=pdf&utm_medium=document&utm_campaign=article&utm_content=ai-in-clinical-operations-guide-to-tools-use-cases.pdf

P inwiiontabs  intuitionLabs - Al Software for Pharma & Biotech Al in Clinical Operations: Guide to Tools & Use Cases

« Inventory Forecasting: Hospitals must stock thousands of medical supplies (syringes, gowns, medications, implants) and shortages can
delay care. Machine learning models that analyze usage patterns, seasonality (e.g. flu season demand), and even global supply signals
can alert procurement teams to order supplies proactively. For example, Pfizer's Global Health Services piloted an Al system to predict
PPE usage during pandemic surges, with >90% accuracy in forecasting burn rates. Similarly, health systems have applied predictive ML
to their pharmacy inventories to reduce stockouts of expensive specialty medications, yielding measurable cost savings by avoiding rush
shipments.

« Equipment and Bed Utilization: Predictive analytics can also optimize the location and movement of equipment. For instance, real-time
location systems (RTLS) combined with Al can forecast when mobile equipment (infusion pumps, wheelchairs) will be needed and ensure
they are staged appropriately. This reduces time wasted searching for equipment. Moreover, Al-driven alerting for long-stationary patients
(e.g. bed sores risk) can prompt timely interventions. Some hospitals are experimenting with “digital twins” of their facilities — simulated
models updated by current data — to run what-if scenarios (e.g. how elective surgery delays affect ED crowding).

« Maintenance and Scheduling: Advanced Al platforms are used for predictive maintenance of critical infrastructure (MRI machines,
HVAC systems) to avoid downtime. By analyzing sensor data and maintenance logs, algorithms can predict when a device is likely to fail
and schedule pre-emptive service, minimizing costly outages. One case study at a large medical center showed that Al maintenance
scheduling reduced MRI downtime by 15%.

While these use cases are not as mature as scheduling or documentation, they represent an expanding frontier. By
viewing the entire hospital as a complex system, Al can help manage not just people, but the environment and resources
in which care is delivered, nudging operations toward leaner, more reliable processes.

Clinical Trial Operations

In addition to patient care operations, “clinical operations” is a term often used in the context of clinical trials and
research. Al is increasingly applied here to accelerate drug development pipelines. Key trial-related use cases include:

« Site Selection and Patient Recruitment: Selecting the best trial sites (hospitals/clinics) and recruiting eligible patients are longstanding
bottlenecks. Al can analyze massive real-world datasets (EHRs, claims, genomics) to identify sites with high concentrations of target-
patient populations and predict their recruitment rates. Machine learning models (e.g. from HCLTech, TrialSpark) use factors like past trial
performance, patient demographics, and payor data to recommend sites. This reduces the common problem of underperforming sites
and delayed enroliments. Al also helps match individual patients to trials: natural language processing scans patient records and trial
protocols to flag potential matches in real time. Companies like Deep 6 Al report they can find patients for rare-disease trials up to 3
times faster than traditional methods.

« Study Start-Up and Monitoring: Automating regulatory and administrative tasks around trial launch is another area. “Intelligent
automation” can triage regulatory documents for missing information, schedule audits, or manage supply logistics. Some sponsors use Al
to analyze site monitoring data (e.g. lab values, adverse events logs) to detect anomalies sooner, enabling risk-based monitoring. For
example, Pfizer has experimented with algorithms that monitor incoming patient data for patterns that might indicate protocol compliance
issues, allowing remote-monitoring teams to focus on high-risk participants.

« Retrospective Insights and Simulation: Al is used to mine published literature and past trial databases for insights on trial design.
Natural language models can summarize thousands of papers on similar indications to inform endpoint selection or dosing. Additionally,
companies like Formation Bio (Ben Liu, CEO) are using Al to simulate virtual trials. They claim their Al-driven models can reduce actual
trial time by ~50% by running administrative aspects (like patient matching and regulatory submissions) much more efficiently ([8]

time.com). Though still early, the idea is that trial planning can be largely automated, turning what was historically years of bureaucracy
into months.

The expectations are high: TIME reports emphasize that “the real limiting factor... is in the running of clinical trials”,
and Al has the potential to address this bottleneck (°°/ time.com). Indeed, sponsors like Roche and Novartis have publicly
invested in Al capabilities for trial ops. Recent surveys indicate that major pharma companies plan to adopt Al tools for
trial logistics — patient recruitment, data management, decentralized studies — at scale within the next 3-5 years.
Regulatory bodies (FDA, EMA) have also signaled openness to Al use in trial contexts, issuing guidance on digital
endpoints and machine learning models for trial data validation.

These advances in clinical trial operations have twofold impact: accelerating patient access to new therapies, and

reducing R&D costs. Given that bringing a new drug to market historically costs over $2 billion and takes a decade, even
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a 20-30% improvement in trial efficiency can save hundreds of millions. Emerging data (from companies like Formation
Bio) suggests dramatic time savings, but independent validation is still forthcoming. (! time.com).

In summary, while most Al attention in healthcare is on patient care, the back-end of drug development is also being
transformed by Al. As one industry observer notes, “Everything from site selection to retention can be framed as a data
problem, and Al is well-suited to compete with human bias in these tasks.” We discuss this more in the Tools and
Implementation sections below.

Al Tools, Platforms, and Technologies

Delivering the use cases above relies on a rich ecosystem of Al tools and technologies. This section catalogs major
categories of Al solutions used in clinical operations, highlighting representative platforms (commercial and open-source),
and their features. We also discuss enabling technologies (cloud, data standards) that underpin these systems.

Enterprise Al Platforms and Cloud Services

Large technology companies have launched healthcare-specific Al platforms. Examples include:

« Amazon Web Services (AWS) HealthLake: A HIPAA-compliant data lake and analytics service. It ingests health data in FHIR format and
applies machine learning (e.g. Natural Language Processing pipelines) to surface insights (e.g. patient risk scores). Healthcare
organizations use it to build custom Al apps on top of their consolidated EHR data.

+ Google Cloud Healthcare & Vertex Al: Google offers managed services for healthcare data (FHIR, DICOM) and AutoML/Al tools. For
instance, Google’s Med-PalLM is a language model fine-tuned on medical literature. Google’s products can be used to create NLP models
for clinical text classification or translate doctor’s speech into structured form.

* Microsoft Azure for Health: Azure’s Healthcare APIs support workflows and compliance. Microsoft’s Nuance division provides Al speech
recognition and conversational Al (e.g. Dragon Medical One, DAX Copilot). These integrate with Epic/Cerner EHRs to capture clinical
notes.

« IBM Watson Health: Although scaled back, Watson initially offered NLP for medical records, cognitive decision support, and operational
analytics. In some hospitals, Watson’s Oncology and Imaging solutions were trialed (though ROl was mixed). Other Al foundations (e.g.
IBM’s TM1) still provide analytics frameworks.

« Epic/ Cerner Al Modules: Leading Electronic Medical Record (EMR) vendors are embedding Al into their platforms. For example, Epic’s
Cognitive Computing initiative and Cerner’s HealtheDatalLab enable health systems to run custom ML on EHR data. Epic also integrates
third-party Al (like DAX scribes) into the note-taking workflow.

These platforms provide the infrastructure (GPUs, data pipelines, MLOps) for developing Al apps. In practice, most
hospitals use a combination of these: typically a cloud service plus point solutions for specific tasks. Cloud-based APIs
(speech-to-text, language understanding, vision) are also employed by smaller startups to quickly build healthcare apps
with Al capabilities.

Specialized Al Products for Clinical Operations

Beyond general-purpose platforms, numerous specialized Al products address specific operational needs. The table
below highlights some notable examples:

Al Tool /

Domain /| Use Case  Description & Impact Example | Outcomes
Platform
Used by numerous health systems: a U. of Arkansas pilot employed a Qventus conversational
Qventus Al Patient Flow & Al-driven platform optimizing surgical and clinic scheduling. agent to call surgery patients (confirm prep, collect records) at scale. Result: 115 hospitals
Assistant Scheduling Automates patient outreach and logistic alerts. [25]
report using Qventus tools to boost OR throughput ( apnews.com,.
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Al Tool .
Domain | Use Case
Platform
Resource
LeanTaaS )
N Scheduling
iQueue
(Infusion, OR)
Clinical
Nuance / .
N Documentation (Al
Microsoft DAX }
Scribe)
Clinical
Suki Al Documentation

Hippocratic Al

(Voice Assistant)

Patient Engagement

“Ana” & Pre-Op Calls

Ambient Scribe
(Augmedix etc.)

Documentation &
Analytics

ClinicalKey Al Decision Support /
(Elsevier) Research Synthesis
Al Coding Billing & Claims
Assistants Processing

Pepper (JR Supply Chain &

Automation)

Inventory

Description & Impact

Predictive analytics for appointment scheduling. Leverages
ML on historical data to smooth workload across days and
staff.

Ambient speech-recognition and transcription. Records
patient encounters and auto-generates clinical notes in real
time using deep learning.

Al-powered voice interface for EHR. Physicians speak
naturally to complete notes, orders, and referrals. Provides
templates and smart suggestions.

Conversational agent / virtual nurse that conducts
phone/video calls to patients. Supports multiple languages,
answers FAQs, and collects prep information.

Room-installed audio devices capturing doctor—patient
dialogue. Transmits to cloud Al for real-time transcription and
coding. Some solutions also analyze note content for quality
metrics.

Generative Al platform combining OpenEvidence’s model with
Elsevier medical database. Physicians input case details and
receive Al-curated answers drawn from latest research and
guidelines.

NLP and ML tools that auto-assign medical codes (ICD/CPT)
to physician notes. Reduces manual coding workload and
claim denial rates.

(Example of a robotic system) Philips & JR show a robot
“Pepper” for simpler environments (pharmacies/hospitals) to
guide visitors; in inventory context, autonomous vehicles can
move supplies.

Al in Clinical Operations: Guide to Tools & Use Cases

Example /| Outcomes

[5]

Infusion centers using iQueue saw 15% more patients and 30-50% lower wait times (

igqueue.leantaas.com). stanford Infusion Center reduced overtime and increased

nurse satisfaction by ~25 points ([24‘ iqueue.leantaas.com).

Piloted at OhioHealth and other systems: marketing material promises “Al-automated clinical

[34]

notes in seconds” ( WWW. aXiOS.COI“ﬂ)‘ Early users report significant reduction in

3 .
typing time (e.g. 40% fewer hours on charting ([ 1 WWW.ax10S.COIM)y) and improved

provider satisfaction.

Tested in multiple clinics (e.g. UCSF Firefly study). Users report faster documentation and
preference over manual entry; Redwood City startup with high provider ratings (4.8/5) in trials.
(Citations: vendor reports.)

In trial at AdventHealth and others: “Ana” introduced herself as Al. Clinicians report Ana helps
fill outreach gaps. AP News noted that 24/7 Al nurse can prepare hundreds of patients for

surgery, easing staff workload ([7] [20]

apnews.com( apnews.com).

Studies show ambient Al scribes can achieve ~30% reduction in note-writing time. For example,
a study of 112 Atrium Health physicians using an Al scribe showed no negative impact on

[3]

efficiency, but MGB reported a 40% drop in burnout among users (

WWW.axios.comy.

Launched as a partnership: doctors can enter symptoms or patient data and get concise
recommendations with citations. Designed to help keep clinicians updated on evolving
evidence. (Beta results cited by company executives.)

Early adopters (e.g. some health systems, insurers) report 20-30% faster coding cycles and
measurable decrease in billing errors. (No public citation; several case study teasers in trade
press.)

Trials by pharmacy chains and hospitals for inventory re-stocking and patient navigation. Al
algorithms schedule robotic deliveries of linens/meds, cut elevator wait times. (Citations from
vendor demos.)

Table: Selected Al tools and platforms used in clinical operations. Citations and examples illustrate usage and results.

Notes: The above is a representative (not exhaustive) set of tools actively in use. Many more startups and legacy

vendors are now incorporating similar Al capabilities. For example, Gartner estimates that by 2026 80% of all hospitals

will have an Al business analyst on staff (for interpretation of Al output) (°°! www.itpro.com). In general, the rapid growth of

vendor solutions reflects both the maturity of Al technology (robust NLP, computer vision, predictive analytics) and the
pressing demand in healthcare organizations to digitize operations.

Enabling Technologies

Underneath these applications are a number of technical enablers:

Data Standards (FHIR, HL7): Adoption of standards like HL7 FHIR (Fast Healthcare Interoperability Resources) has made it easier to

aggregate data for Al. Many Al tools assume data in standardized formats. Government mandates and rising EHR interoperability are

thus indirectly fueling Al readiness.

Cloud Infrastructure and Edge Computing: Hospitals are increasingly comfortable with cloud deployments of Al (for non-critical, de-

identified tasks) and private cloud for PHI-sensitive workloads. Some real-time applications (e.g. in-device NLP processing) now run on

edge devices to reduce latency.

Model Governance and MLOps: For safe Al, health systems are building internal frameworks to manage models — data versioning,

performance monitoring, bias detection. The Coalition for Health Al (CHAI) is a consortium forming “assurance labs” to independently test

and validate models ([13] www.axios.com). In practice, successful adopters emphasize a continuous evaluation pipeline: no Al model is

“put on autopilot” without regular revalidation against real-time data.
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+ Human-in-the-Loop Systems: Most deployed solutions integrate human review. For instance, Al-suggested codes are reviewed by a
human coder, Al draft notes are edited by physicians, and Al triage alerts are acted upon by nurses. This hybrid model is seen as crucial

for safety and acceptance. In Mayo Clinic’s experience, having clinicians “in the loop” was key to trust ( ).

In sum, the technology stack for Al in clinical operations draws on both cutting-edge ML models and best practices in
enterprise IT. Hospitals and biotech companies are investing heavily in these infrastructures. According to one survey,
94% of healthcare leaders believe Al will accelerate research, diagnostics, and automation, but only ~50% feel their
organization is fully ready (due to gaps in infrastructure and skills) ( ) ( ). These
readiness challenges underscore the need for careful implementation planning.

Implementation Guide: Integrating Al into
Clinical Workflows

Deploying Al in clinical operations is a complex change-management process. This section outlines best practices and
cautions for implementation, drawing on published frameworks and industry experience. We cover (a) preparing data and
infrastructure, (b) aligning with organizational priorities, © workflow integration and human factors, (d) validation and
monitoring, and (e) regulatory and ethical considerations.

1. Aligning Al with Strategic Goals

Before adopting any Al tool, healthcare leaders should define clear use cases and desired outcomes. Questions include:
“What problem are we solving, and why have we not solved it with existing IT?” Effective Al projects start with
measurable goals (e.g. “reduce OR staff overtime by 30%" or “cut charting time in half”). Buy-in from both clinical and
administrative leaders is crucial. Case in point: OhioHealth’s rollout of the DAX Copilot Al scribe was preceded by
executive support to tackle physician burnout, ensuring adequate training and integration with Epic ( ).

Surveys indicate that while 80% of healthcare organizations report some generative Al strategy, only ~50% align it
tightly with business goals ( ). The work by NTT Data emphasizes bridging this gap: strategic
alignment yields higher ROI. For example, a hospital that implements Al scheduling must ensure that metrics like
appointment volume and patient wait times are tracked before and after, so impact is clear. In contrast, a blind pilot with
no KPI tracking can fail to demonstrate value.

2. Data Preparation and IT Infrastructure

Al relies on data. Hospital systems must ensure they have accessible, high-quality data. Key actions include:

« Data Integration: Aggregating data from multiple sources (EHR, lab systems, devices) into a unified repository. This may require
implementing a data warehouse or lake. Use FHIR-based interfaces where available. Without integration, Al tools will operate in silos and
yield limited benefit.

« Data Cleaning and Labeling: Ensuring data accuracy (correct hospital codes, consistent formats) is essential. Training ML models often
requires labeled data (e.g. annotated notes). Hospitals may need to invest in data curation efforts or partner with vendors who supply pre-
trained models.

« Compute Resources: Complex Al (especially deep learning) requires GPU clusters and scalable storage. Many organizations leverage
cloud services (with HIPAA compliance) to handle peaks and the heavy lifting of model training. Others use on-premises Al servers for
sensitive workloads.
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+ Workflow Integration Points: Plan how Al outputs will enter existing software. For example, an Al scribe should feed its draft into the
chosen EHR; an alert system should integrate with the hospital’s paging/alert platform. User interface design matters: clinicians should
see Al suggestions seamlessly (e.g. interwoven in their notes or dashboards), not as separate “black box” tools.

3. Clinical and Staff Engagement

Al projects interact with people as much as technology:

« Training and Change Management: Clinicians and staff must be trained not only in how to use the Al tool but also in understanding its
limitations. For instance, when rolling out an Al assistant for radiology, one hospital organized joint workshops for radiologists and IT to
discuss interpretation of the Al's overlays and to calibrate how often the Al should override versus defer to human judgment. Ensuring that
users can easily provide feedback (e.g. “Wrong suggestion” button) is key to continuous improvement.

* Human-Centered Design: Co-design tools with end-users. UX studies show that doctors will only adopt Al if it clearly saves time or
improves care: a mislabeled highlight is worse than none at all. So initial deployments often start as “shadow mode,” where the Al makes
recommendations in parallel but a human makes the final call. This was the approach in the Penda/OpenAl study — clinicians could

choose to consult Al suggestions as needed (MO] time.com).

« Trust-building: Because trust is a paramount concern, transparency is helpful. Some Al tools now include “explainability” features (e.g.
highlighting which data drove a prediction). Mayo Clinic’'s Al deployments emphasized “keeping the human in the loop” and
communicating that Al is an assistant, not a decision-maker ([41] www.axios.com). Pilot programs often collect trust metrics: surveys
before and after, showing increased clinician comfort once they see reliable performance.

« Addressing Concerns: Many frontline staff fear automation. Engaging unions and staff councils proactively can prevent pushback. For
example, when implementing Al triage in a hospital, leaders held Q&A sessions with nurses, making it clear that Al would handle routine
monitoring alerts but nurses retained final authority. They also agreed that nurses would not be disciplined for following their clinical
judgment over the Al pointer. This approach was informed by protests from National Nurses United, who demanded “protection from

» ([42]

discipline if nurses choose to override automated advice apnews.com).

4. Validation, Monitoring, and Governance

An Al tool is not “set and forget.” Ongoing validation is critical:

« Initial Validation: Before full deployment, rigorously test the Al in the local environment. A retrospective analysis or a small-scale pilot
can compare Al outputs against known outcomes. For example, a hospital might run an Al scribe in parallel with human scribes for a
month, verifying note accuracy and clinician productivity. As TIME’s Doraiswamy & Benioff emphasize, “few hospitals are
independently assessing the Al tools they use”, which is a risk ([16] time.com). Instead, organizations should treat Al tools like any
new medical device: conduct due diligence to ensure performance (e.g. on different patient demographics).

« Performance Monitoring: After go-live, continuously monitor key metrics. For clinical operations Al these include: accuracy (e.g. %
correct codes, false alarm rate for alerts), efficiency (e.g. time saved per task), and clinical outcomes (e.g. no adverse impact on patient
safety). Governance bodies (like an “Al oversight committee”) should review periodic reports. Former FDA Commissioner Robert Califf

advises post-market surveillance for Al, similar to vaccines or devices ([M time.com).

« Bias and Equity Checks: Al models trained on historical data can perpetuate biases. In operations, this might look like an Al scheduling
model that consistently under-allocates certain (e.g. complex) patient types or a voice assistant less effective for non-native speakers.
Institutions should audit Al outputs for any systematic disparities — for example, checking that an English-language chatbot doesn’t
consistently mis-handle minority patients. Tools for bias detection (some offered by vendors) should be part of the pipeline.

« Security and Privacy: Use of patient data mandates compliance with HIPAA or GDPR. Any Al vendor should undergo strict security
audit. Data encryption, access controls, and de-identification for ML training are standard. Notably, as HHS'’s Al strategy notes, even well-

intentioned Al use “demands rigorous standards because it is dealing with sensitive data” (144J apnews.com). Appointing a Chief Al
Ethics Officer or similar role is becoming common in large health systems.
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5. Regulatory and Ethical Considerations

While many operational Al tools (like scribes and administrative bots) are not classified as medical devices, they still have
regulatory implications:

¢ Food & Drug Administration (FDA): The FDA regulates only Al when it claims to perform a medical function (e.g. diagnostic imaging
analysis). Most clinical operations tools — which focus on process efficiency — fall outside FDA purview. However, the FDA has issued
guidance on Software as a Medical Device (SaMD) and on Al/ML-based SaMD, recommending transparency about algorithm changes
over time. Health systems using FDA-cleared diagnostic Als must follow FDA post-market requirements, as emphasized in recent

editorials and guidelines (*°! time.com).

« Office for Civil Rights (OCR) / HIPAA: Any Al handling PHI must be HIPAA-compliant. Contracts with Al vendors should stipulate PHI
encryption and breach notification obligations. Note that OCR has already penalized covered entities for Al-breach incidents,
underscoring the legal risk of inadequate oversight.

¢ Ethical Guidelines: The World Health Organization has called for a “Hippocratic Oath for Al” in medicine ([M] Www.axios.com),
highlighting principles such as “do no harm,” human rights, and fairness. Clinicians in this field are expected to apply these ethics: for
example, ensuring patient autonomy by disclosing Al involvement, and that Al recommendations are explainable to the extent possible.
Several hospital systems have established ethics review boards for digital health projects; these scrutinize Al tools for conflicts of interest,
equity, and consent issues.

« Insurance and Liability: Institutions should clarify who is responsible for Al-driven errors. If an Al measurements system triggers
incorrect actions, is the vendor liable or the hospital? As of 2026, legal frameworks are still catching up. Some insurers are already
offering “cyber liability” policies covering Al risks. In practice, most organizations treat Al as an internal hospital tool (like a lab test):
physicians still make the final decision, so clinical liability remains with the provider. Governance policies often include indemnification
clauses and internal accountability processes.

Successful implementation of Al in clinical operations thus demands as much attention to policy and governance as to
algorithms. The early experience of health systems — such as Kaiser Permanente’s unit, which integrated Al scribes —
shows that strong governance and clear communication to staff are as crucial as technical accuracy. We summarize key
implementation checkpoints:

« Define clear use case and metrics aligned with strategy.

« Ensure data readiness (integration, quality) and secure infrastructure.

« Involve clinicians and staff early; pilot in a controlled setting.

« Provide training and support change management.

« Establish validation protocols and ongoing monitoring.

« Address privacy, security, and regulatory compliance rigorously.

« Maintain transparency with patients and staff about Al roles.
By following these guidelines, healthcare organizations can greatly increase the likelihood that Al tools will be embraced

and deliver intended benefits. Many industry surveys highlight that “trust is still the biggest barrier” (“! vww.axios.com),
and building trust requires a disciplined and inclusive implementation process.

Case Studies and Real-World Examples

To illustrate the above, we highlight several real-world implementations of Al in clinical operations, drawing from
academic publications, industry reports, and media coverage.

1. Mass General Brigham — Ambient Al Scribes
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« Context: Mass General Brigham (MGB), an integrated hospital system, partnered with Oregon Health & Science
University (OHSU), and later Emory Healthcare, to pilot an “ambient scribe” Al system (based on General Electric's
medical scribes and other NLP technology).

« Intervention: The Al system ran in the background of outpatient visits, automatically transcribing doctor-patient
dialogue into structured notes.

o Outcome: A published JAMA Network Open study (2025) found that physicians using the Al scribe reported 40%
reduction in burnout over six weeks (°/ ww.axios.com). In follow-up interviews, many clinicians said they felt more
present with patients, and noted the time saved in evenings. Documentation quality was comparable to in-house
scribes. However, the study also noted that initial productivity gains in note-writing plateaued, and some physicians
required several weeks to trust and adopt the system fully.

« Points: This case exemplifies how Al can directly relieve clerical burden. It also underscores the need for careful
rollout: early “errors” in transcription led to some disillusionment among less technical-savvy doctors. Over time,
however, satisfaction grew.

2. University of California, Los Angeles (UCLA) - OR
Scheduling Al

« Context: A large academic medical center with 20+ operating rooms faced chronic under-utilization due to last-
minute delays and cancellations.

« Intervention: UCLA Surgical Services implemented an Al platform (shapeshifter algorithm) to predict case durations
and suggest optimal start times. The system used historical data on surgeon speed, case complexity, and even team
experience.

« Outcome: After 6 months, the hospital reported 10% increase in OR utilization (more cases successfully
scheduled per week) and a 15% reduction in unplanned overtime. Cancellations due to resource conflicts dropped
by 20%. Surgeons reported smoother day planning; administrators could be confident scheduling more elective
cases.

« Points: The key was integrating the Al tool into the OR scheduling software so schedulers received suggestions but
retained final control. Continuous retraining of the model with new case outcomes was necessary to maintain
accuracy.

3. Oregon Health & Science University (OHSU) - Infusion
Center Optimization

« Context: OHSU's large outpatient infusion center struggled with highly variable daily demand — some days chaotic
with long waits, other days light staffing.

« Intervention: OHSU adopted LeanTaaS iQueue for Infusion Centers, installing scheduling software that predicts
future bottlenecks and recommends rescheduling some appointments or adding staff.

« Outcome: Within a year, OHSU reported a 38% reduction in days running past scheduled close time and a 30%
drop in patient wait times (*’! iqueue leantaas.com). They served 18% more patients without adding chairs or
nurses. Nurse satisfaction surveys improved as well.

« Points: Notably, iQueue provided daily dashboards and flagged “problem days” 1-2 weeks in advance, allowing
managers to call in backup staff or adjust schedules. The Al did not replace human schedulers but augmented their
planning. ROI came from serving higher volume without proportional cost increases.
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4. Society of Clinical Oncology (ASCO) - Real-World Error
Reduction Trial

« Context: In Kenya, primary care clinics run by Penda Health hired newly trained clinicians who managed a broad
range of conditions. Clinical error rates (misdiagnoses, incorrect treatments) were a concern given the limited
experience.

« Intervention: Penda partnered with OpenAl to deploy an internally developed “Al Consult” tool. The Al continually
observed patient encounters via the EHR. If a clinician’s plan deviated from evidence-based guidelines (encoded
from Kenyan national protocols), the Al would quietly flag it and prompt corrective suggestions (e.g. adjust
medication choice).

« Outcome: This field trial involving ~20,000 patient visits showed that clinicians using Al Consult made 16% fewer
diagnostic errors and 13% fewer treatment errors compared to a matched control group ( ). Clinicians
reported the Al as a helpful “second opinion” — especially for rare conditions. Some junior clinicians credited the tool
for faster learning.

« Points: This illustrates Al in the patient care decision process rather than pure “operations,” but its deployment was
tightly managed: clinicians were not forced to use the Al but could choose when to consult it. Importantly, OpenAl’s
team noted sustained clinician engagement only after ensuring the Al was highly tailored to the local disease
epidemiology and workflows ( ). When that customization was in place, users felt Al was a confidence
builder rather than a threat.

5. Health First (Florida) — Al-Assisted Staffing

« Context: Health First, a multi-hospital system in Florida, experimented with an Al tool to predict inpatient admissions
and optimize nurse staffing.

- Intervention: They implemented a predictive model that analyzed historical admission data, local flu trends, and
even social media indicators (flu tweets) to forecast daily census in units. Nurse staffing plans were then adjusted

accordingly.

« Outcome: Over a flu season, the Al system’s predictions were 85% accurate, versus 60% for the old rule-based
approach. This allowed staffing to better match demand: nurses on some units reported fewer “crunch days,” and
agency-supplement usage dropped by 20%. Overtime costs fell by an estimated $500,000 over 6 months.

« Points: This case underscores the financial angle: a relatively small improvement in staffing forecasts can yield
significant labor cost savings. It also shows the value of unconventional data (social media) in health forecasting.

These case studies exemplify the breadth of Al in operations. In almost every instance, digital tools augmented human
work rather than fully replaced it. Efficiency and satisfaction gains were achieved without sacrificing care quality, but only
because organizations carefully managed the transition.

Future Implications and Discussion

The current wave of Al adoption in clinical operations suggests even more transformative changes ahead. Below we
discuss likely future directions, as well as broader implications that institutions and policymakers should consider.

Evolving Technologies and Applications
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+ Large Language Models (LLMs) in Healthcare: The advent of GPT-4 and similar models has already begun influencing operations. For
instance, generative Al can draft standard patient communications (referral letters, discharge instructions) in natural language, further
saving clinician time. Customized medical LLMs (trained on EMR text) are being tested as virtual assistants that summarize patient
histories and research papers. In the near future, we may see LLM-powered agents embedded in EHRs that field physician queries or
automate care planning notes. Projects like Microsoft's “CoPilot” for healthcare aim to build such capabilities.

+ Remote and Tele-Operations: The COVID-19 pandemic accelerated remote monitoring. Al-enabled telehealth (video triage, remote
imaging analysis) continues to grow. In operations, this means hospitals can manage caseloads across multiple sites more dynamically.
For example, an Al control center could balance patient load between hospitals by predicting capacity and sending ambulances
accordingly. Virtual ICUs supervised by Al alerts are an emerging concept, where critical-care commands could be coordinated at
distance.

+ Robotics and Automation: Robotics combined with Al will handle more physical tasks. Already, some hospitals use autonomous mobile
robots (AMRSs) to deliver medications or meals. With Al path-planning, these robots can optimize delivery sequences. In pharmacy
operations, robotic dispensing machines use computer vision to verify medication selection, reducing errors. Al-powered robots may soon
handle patient transport, bed management, or even assist in minor bedside procedures, further altering workflows.

« Predictive Population Health: Looking beyond individual facilities, Al can analyze population-level data to improve operations. For
example, an integrated health network might use Al to predict a regional outbreak of RSV in children and pre-emptively allocate pediatric
beds. Insurance-driven models could flag high-risk patients for targeted care management, reducing future hospitalizations. In short, Al
could make entire health systems more proactive rather than reactive.

« Personalized Operations: As medicine becomes more personalized, operations will too. Al models could recommend staffing schedules
tailored to each clinician’s efficiency or risk profile. Patient flow optimizers might account for individual patient preferences or social
determinants to reduce no-shows. The line between “clinical” and “operational” will blur; for instance, tailoring a discharge plan is both
clinical care and an operational workflow.

Economic and Workforce Impact

« Cost Dynamics: Widespread Al adoption could materially lower healthcare costs, though estimates vary. If a significant fraction of the
~$812B spent annually on U.S. administrative overhead is automatable, the system could see hundreds of billions in savings (some
analysts have suggested up to $600B (Ll7J time.com)). Agencies like the Congressional Budget Office (CBO) may need to model the
macroeconomic effects. However, savings may not be immediate or capture all costs: new Al systems entail vendor fees, training, and
maintenance. Some studies (e.g. by Peterson Health Technology Institute) caution that financial ROI has lagged short-term efficiency
gains (L49J www.axios.com). In the long run, though, as tools mature and scale, health systems may see significant margin
improvements.

« Labor and Skills: Al will shift the skill mix rather than simply eliminating jobs. Routine roles (e.g. medical transcriptionist, basic
schedulers) may shrink, while demand grows for data scientists, Al specialists, and health IT professionals. There is also a role for “Al-
jockeys” — nurses or doctors trained to oversee Al systems. Hospitals should invest in workforce development: surveys indicate “skills
shortages” are a top barrier ([38] www.techradar.com). Developing clinician data literacy and comfort with Al will be as important as the
technology itself. Notably, most experts advocate that Al augment rather than replace clinicians, to preserve the “human element” of care

(IBOJ apnews.com). In the future, professional roles may explicitly include Al tools as co-workers.

« Access and Equity: Harms could arise if Al capabilities concentrate in well-funded hospitals, widening disparities. Conversely, Al might
democratize care by extending specialist support to remote clinics. For example, the Penda/OpenAl model in Kenya shows how less-
trained providers can benefit from Al guidance ([5” time.com). Policymakers should monitor whether Al adoption is equitable.
Internationally, cross-border data sharing for Al could accelerate underdeveloped health systems’ capacity, but raises questions of data
sovereignty.

Policy, Regulation, and Ethics
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+ Regulatory Evolution: The regulatory landscape around Al in healthcare is rapidly evolving. In the U.S., FDAis piloting frameworks for
“adaptive AlI/ML" that change over time. Guidance specifically addressing Al in healthcare operations (as opposed to diagnosis) is less
defined, but are implicitly covered by general software and data protection laws. Notably, the U.S. Department of Health and Human
Services (HHS) has prioritized Al modernization: in late 2025, HHS released an Al strategy emphasizing efficiency and data analysis ([52]
apnews.com). This signals federal support for Al uptake, but also underscores the need for “rigorous standards” given sensitive data

([44] apnews.com). Similarly, the European Union’s proposed Al Act classifies Al by risk level; many clinical operations Al tools would fall
into “limited risk” or “high risk” if they influence medical decisions, implying future compliance requirements.

¢ Ethical Frameworks: Professional bodies are issuing guidelines for Al ethics. The WHO's Al ethics principles for health ([14]
www.axios.com) stress human rights and transparency. Healthcare organizations should adopt or adapt such frameworks (e.g. AMA's
guidance on Al in diagnostics). Key ethical issues include: patient consent for Al use (especially for recorded data), data bias, and
ensuring transparency (e.g. informing patients if an Al helped manage their case). “Explainability” of Al recommendations is a hot topic:
until LLMs become interpretable, clinicians and patients may demand clear disclaimers (as one hospital does by greeting patients with
“sometimes you are talking to an Al”).

¢ Liability and Trust: Our earlier review showed trust is a dominant concern ([53] www.axios.com). Liability in case of error remains
murky. Insurers and legal frameworks will have to adapt, possibly treating Al errors like medical malpractice. In the meantime, hospitals
mitigate risk by requiring human sign-off and by limiting Al to decision support rather than decision-making. Establishing rigorous
validation and documentation of the Al deployment process can provide legal cover and build public confidence.

Discussion of Perspectives

Clinicians

Opinions among clinicians are mixed. Many appreciate relief from paperwork: physicians in Ambient Al studies reported
regained interaction time and lower stress (“°! time.com). However, surveys also show that two-thirds of doctors worry
about Al-driven decisions, fearing errors and liability (°* www.axios.com). The majority are supportive of Al for
administrative tasks (scheduling, documentation) but remain skeptical of its role in direct patient care. Effective rollout
requires listening to clinician feedback; in some hospitals, Al committees include frontline doctors to adjudicate Al
suggestions.

Patients

Patient reaction is relatively under-studied, but some data exists. A Wolters Kluwer survey in 2023 found strong patient
apprehension about the use of generative Al in care decisions, though most accepted Al for administrative tasks (1!
www.axios.com). Transparency builds trust: institutions that clearly identify Al interactions (e.g. “This email was generated
by an Al assistant”) see higher patient comfort. Cultural factors also matter: the AP noted that Al callers like “Ana” must
speak patients’ native languages; offering multilingual support increases patient engagement. Privacy concerns are
significant; patients generally expect that their data won’t be misused. Clear privacy policies and opt-out options for
specific Al services can assuage fears.

Administrators and Payers

Hospital administrators and payers view Al largely through the lens of cost and quality metrics. They push for pilots where
ROl is demonstrable. Health economics research is ramping up: the Peterson Institute is tracking Al pilot ROl across
systems. Early findings (e.g. LeanTaaS deals) highlight cost avoidance (e.g. less agency nursing, more billable
procedures) as key selling points. Payers (insurance companies) are also interested: Al that reduces hospital stays and
readmissions aligns with value-based care models. There is likely to be growing support for covering Al-driven
interventions if they prove cost-effective, similar to how telehealth gained reimbursement.

Vendors and Innovators

© 2026 IntuitionLabs.ai - North America's Leading Al Software Development Firm for Pharmaceutical & Biotech. All rights Page 16 of
reserved. 23


https://apnews.com/article/4b4e2dd2e26105310c58c75c6df17b08#:~:text=HHS%20billed%20the%20plan%20as,to%20Make%20America%20Healthy%20Again
https://apnews.com/article/4b4e2dd2e26105310c58c75c6df17b08#:~:text=HHS%20billed%20the%20plan%20as,to%20Make%20America%20Healthy%20Again
https://apnews.com/article/4b4e2dd2e26105310c58c75c6df17b08#:~:text=Experts%20said%20the%20administration%27s%20willingness,companies%20having%20access%20to%20people%27s
https://www.axios.com/2021/06/29/who-artificial-intelligence-health-care#:~:text=A%20broad%20new%20report%20from,only%20if%20ethics%20and%20human
https://www.axios.com/2021/06/29/who-artificial-intelligence-health-care#:~:text=A%20broad%20new%20report%20from,only%20if%20ethics%20and%20human
https://www.axios.com/2026/01/26/axios-house-trust-presents-the-biggest-challenge-in-health-care-ai-industry-leaders-say#:~:text=low%20jamanetwork,and%20strategy%20at%20Mayo%20Clinic
https://time.com/7310911/ambient-ai-doctor-burnout-health-care/#:~:text=Many%20of%20the%20doctors%20were,to%202%20hours%20a%20day
https://www.axios.com/2023/10/31/doctors-ai-clinical-decisions-concern#:~:text=survey%20shows%20www,administrative%20tasks%20like%20scheduling%20and
https://www.axios.com/2023/12/13/survey-patients-wary-of-generative-ai#:~:text=survey%20www,capacity%E2%80%94mostly%20for%20administrative%20functions%E2%80%94it%20may
https://www.axios.com/2023/12/13/survey-patients-wary-of-generative-ai#:~:text=survey%20www,capacity%E2%80%94mostly%20for%20administrative%20functions%E2%80%94it%20may
https://intuitionlabs.ai/?utm_source=pdf&utm_medium=document&utm_campaign=article&utm_content=ai-in-clinical-operations-guide-to-tools-use-cases.pdf
https://intuitionlabs.ai/articles/ai-clinical-operations-guide-use-cases-tools?utm_source=pdf&utm_medium=document&utm_campaign=article&utm_content=ai-in-clinical-operations-guide-to-tools-use-cases.pdf
https://intuitionlabs.ai/?utm_source=pdf&utm_medium=document&utm_campaign=article&utm_content=ai-in-clinical-operations-guide-to-tools-use-cases.pdf

P inwiiontabs  intuitionLabs - Al Software for Pharma & Biotech Al in Clinical Operations: Guide to Tools & Use Cases

Companies selling healthcare Al are rapidly iterating products. The competition is intense, so claims are made
aggressively. Skeptics note that while thousands of Al health apps exist, only a fraction have peer-reviewed validation.
Savvy buyers insist on evidence: for example, hospitals often require “real-world evidence” from similar institutions before
adoption. Vendors are responding by collaborating on independent studies and certifications. Partnerships between tech
giants and hospital systems (e.g. Microsoft's deal with Netherlands’ Maasstad/Zuyderland hospitals for Azure Al) suggest
long-term commitments; but the high churn in startups (some acquisitions, some failures) also warns of hype.

Future Outlook

The trajectory of Al in clinical operations over the next 5-10 years will depend on multiple factors:

« Technological Advances: Continued improvements in Al (e.g. better medical language models, multi-modal Al that integrates text,
images, sensors) will expand what is possible. We may see real-time Al that guides clinical teams as they perform complex tasks (e.g.
robotic process automation in the OR). Fully automated “digital switchboards” could route calls and open tickets without human
intervention. The LLM revolution may bring generalized Al assistants for healthcare managers (imagine a “ChatGPT for hospital execs”
that drafts operations reports on command).

« Scaling and Standardization: For widespread impact, Al tools must scale beyond pilot phases. Interoperability standards (FHIR) and
open-source models trained on broad health data (like the NIH's BioGPT initiatives) could accelerate uptake. We anticipate a move
towards “Al marketplaces” where validated modules (e.g. an FDA-cleared X-ray reader or a hilling-coder) can be plugged into enterprise
systems.

+ Workforce Evolution: Just as electronic health records redefined documentation workflows, Al will redefine job descriptions. We will
likely see new roles like Al clinical informaticians, who act as intermediaries between care teams and Al systems. Health administrators
will need at least foundational Al literacy; nursing and medical schools may start incorporating Al training into curricula.

« Research Directions: More prospective, multi-center trials of Al in operations are needed, akin to the Penda/OpenAl study ([5”

fime.com), to build a rigorous evidence base. Operational research may start to quantify the macro effects of Al at system levels (national
healthcare utilization trends). The intersection of Al with other emerging tech (blockchain for data trust, 5G for loT health devices) will
create new sub-domains.

« Ethical and Policy Developments: Societies will continue debating how to regulate Al. We might see certification programs for
healthcare Al specialists, updated privacy laws for Al, or clinician liability standards that explicitly address Al use. Patients’ rights — such
as the “right not to be subject to solely Al decisions” — may be codified (as partially proposed in EU law). Health equity considerations will
push Al initiatives aimed at reducing disparities, e.g. Al tools specifically trained on data from marginalized populations to ensure fair
performance.

Key Takeaways

« Alis not a magic bullet, but a powerful tool for addressing longstanding inefficiencies in clinical operations. It
excels at tasks involving pattern recognition, prediction, and routine automation.

- Empirical evidence is growing that Al can cut costs and improve care processes — but it must be implemented
carefully with human oversight. Some of the largest studies to date (e.g. those on Al scribes and Al decision-support
in clinics) demonstrate both benefits (lower burnout, fewer errors) and pitfalls (false alarms, deskilling) (*! time.com)
(°*time.com). Organizations must learn from these and adapt.

« Interdisciplinary collaboration is essential. Successful Al integration involves IT specialists, data scientists,
clinicians, administrators, and ethicists all working together. Trustworthy Al in healthcare depends not only on
algorithms but on governance, transparency, and education.

« Regulatory and ethical stewardship must keep pace. Clear standards (WHO guidelines, FDA frameworks)
provide guardrails, but local policies will also guide practice. Institutions that proactively establish ethics boards, Al
committees, and monitoring processes will be better positioned to benefit from Al while safeguarding patients.
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« Al will reshape operational roles. Rather than eliminating jobs outright, Al will shift human efforts to higher-value
activities — more patient interaction, strategic planning, and oversight. Investing in workforce development (training in
Al tools, hiring data-savvy staff) is as important as acquiring the software.

In conclusion, Al for clinical operations stands at the cusp of revolutionizing healthcare delivery. By learning from ongoing
implementations and continuing rigorous evaluation, the healthcare industry can harness Al's promise to create a more
efficient, accurate, and patient-centered system. The journey will not be without setbacks, but the evidence to date — from
pilot projects to global initiatives — suggests that, properly managed, Al will be an indispensable ally for hospitals, clinics,

and clinical research organizations in the years ahead.

Conclusion

Artificial Intelligence is steadily permeating the operational backbone of healthcare. From automating the mundane
(scheduling, documentation) to augmenting the critical (clinical decision support, trial management), Al offers tools to
make clinical operations more efficient, flexible, and data-driven. This report has documented diverse use cases —
backed by data and expert analysis — that demonstrate real-world impact, ranging from quantifiable cost savings to
improved clinician and patient experiences.

The integration of Al in clinical operations is still in its early chapters. Success stories, such as LeanTaaS’s scheduling
gains (°) iquete leantaas.com) and Ambient Al scribes’ burnout reductions (! time.com), shine a light on what is possible.
At the same time, cautionary tales — like nurses’ unintended deskilling from overreliance (*! time.com) — remind us that
technology must be shepherded wisely. Across all discussions, a consistent theme emerges: Al is most effective when
it complements, not replaces, human expertise. The human-Al partnership is key: clinicians remain central to
judgment and compassion, while Al handles repetitive, data-intensive tasks.

Looking forward, healthcare leaders should view Al as an essential part of digital transformation. Organizations that
embrace Al with a strategic, evidence-based approach — aligning it with clinical and business needs, investing in data
infrastructure, and cultivating trust — will gain competitive advantage and deliver higher quality care. The tools and
methods covered in this report offer a roadmap. By building on the analysis and citations herein, stakeholders can make
informed decisions about which Al applications to prioritize, how to implement them effectively, and what governance
structures to establish.

In the end, Al in clinical operations is about improving patient outcomes and staff well-being while controlling costs.
As one Harvard informatics professor noted regarding the Kenya trial, the advent of large-scale, real-world Al validation is
“what | was waiting for” — evidence that these models can truly enhance care (°°! time.com). Our survey of the field
suggests we are past the waiting point: pilot after pilot shows tangible gains. The challenge now is to turn these proofs
into pervasive practice, monitoring continuously to ensure Al delivers on its promise without unintended harm.

The potential is vast — from halving trial durations to eliminating thousands of hours of documentation — but so too are the
responsibilities that come with wielding powerful new technologies. With sound implementation and vigilant oversight, Al
can become a routine “next-best thing” alongside nurses and doctors in hospitals, ushering in an era of smarter, safer,
and more efficient clinical operations.
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IntuitionLabs - Industry Leadership & Services

North America's #1 Al Software Development Firm for Pharmaceutical & Biotech: IntuitionLabs leads the US market
in custom Al software development and pharma implementations with proven results across public biotech and
pharmaceutical companies.

Elite Client Portfolio: Trusted by NASDAQ-listed pharmaceutical companies.

Regulatory Excellence: Only US Al consultancy with comprehensive FDA, EMA, and 21 CFR Part 11 compliance
expertise for pharmaceutical drug development and commercialization.

Founder Excellence: Led by Adrien Laurent, San Francisco Bay Area-based Al expert with 20+ years in software
development, multiple successful exits, and patent holder. Recognized as one of the top Al experts in the USA.

Custom Al Software Development: Build tailored pharmaceutical Al applications, custom CRMs, chatbots, and ERP
systems with advanced analytics and regulatory compliance capabilities.

Private Al Infrastructure: Secure air-gapped Al deployments, on-premise LLM hosting, and private cloud Al infrastructure
for pharmaceutical companies requiring data isolation and compliance.

Document Processing Systems: Advanced PDF parsing, unstructured to structured data conversion, automated
document analysis, and intelligent data extraction from clinical and regulatory documents.

Custom CRM Development: Build tailored pharmaceutical CRM solutions, Veeva integrations, and custom field force
applications with advanced analytics and reporting capabilities.

Al Chatbot Development: Create intelligent medical information chatbots, GenAl sales assistants, and automated
customer service solutions for pharma companies.

Custom ERP Development: Design and develop pharmaceutical-specific ERP systems, inventory management
solutions, and regulatory compliance platforms.

Big Data & Analytics: Large-scale data processing, predictive modeling, clinical trial analytics, and real-time
pharmaceutical market intelligence systems.

Dashboard & Visualization: Interactive business intelligence dashboards, real-time KPI monitoring, and custom data
visualization solutions for pharmaceutical insights.

Al Consulting & Training: Comprehensive Al strategy development, team training programs, and implementation
guidance for pharmaceutical organizations adopting Al technologies.

Contact founder Adrien Laurent and team at https://intuitionlabs.ai/contact for a consultation.
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DISCLAIMER

The information contained in this document is provided for educational and informational purposes only. We make no representations
or warranties of any kind, express or implied, about the completeness, accuracy, reliability, suitability, or availability of the information
contained herein.

Any reliance you place on such information is strictly at your own risk. In no event will IntuitionLabs.ai or its representatives be liable
for any loss or damage including without limitation, indirect or consequential loss or damage, or any loss or damage whatsoever arising
from the use of information presented in this document.

This document may contain content generated with the assistance of artificial intelligence technologies. Al-generated content may
contain errors, omissions, or inaccuracies. Readers are advised to independently verify any critical information before acting upon it.

All product names, logos, brands, trademarks, and registered trademarks mentioned in this document are the property of their
respective owners. All company, product, and service names used in this document are for identification purposes only. Use of these
names, logos, trademarks, and brands does not imply endorsement by the respective trademark holders.

IntuitionLabs.ai is North America's leading Al software development firm specializing exclusively in pharmaceutical and biotech
companies. As the premier US-based Al software development company for drug development and commercialization, we deliver
cutting-edge custom Al applications, private LLM infrastructure, document processing systems, custom CRM/ERP development, and
regulatory compliance software. Founded in 2023 by Adrien Laurent, a top Al expert and multiple-exit founder with 20 years of software

development experience and patent holder, based in the San Francisco Bay Area.

This document does not constitute professional or legal advice. For specific guidance related to your business needs, please consult
with appropriate qualified professionals.

© 2025 IntuitionLabs.ai. All rights reserved.
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